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Executive Summary 
Improving the ability of power systems to remain operational during disruptive natural or human-caused 
events is vital to maintaining the safety of the communities these systems serve. The ability of power 
systems to maintain operations during disruptions is the benefit of increased energy resilience. To 
achieve greater electric power sector resilience, we must understand what energy resilience means in the 
context of our electricity grids and infrastructure systems. The National Renewable Energy Laboratory 
(NREL) has defined resilience as “the ability to anticipate, prepare for, and adapt to changing conditions 
and withstand, respond to, and recover rapidly from disruptions through adaptable and holistic planning 
and technical solutions” (Hotchkiss and Dane 2019), which builds upon the definition of resilience in 
Presidential Policy Directive-21 (White House 2013). NREL emphasizes planning and technical 
solutions in part to think more holistically about resilience strategies that include training and operations 
as well as system design and built infrastructure investments. 

The New York State Energy Research and Development Authority (NYSERDA) has partnered with 
NREL to help address key research needs for New York State in advancing power sector resilience. 
NYSERDA requested a literature review specifically focused on measuring and valuing energy 
resilience to identify existing work and research gaps that could inform NYSERDA’s energy resilience 
efforts. While the costs of resilience investments are relatively well known, it is also important to 
adequately convey the benefits of those investments. This often means assigning metrics and estimating 
the dollar value of potential resilience enhancements. 

Key findings from the literature include: 

• Resilience and reliability are interrelated concepts, with resilience as the higher-level concept 
that includes and extends reliability. Reliability typically deals with routine, shorter-term events, 
while resilience extends the focus to low-probability, high-consequence disruptions.  

• Resilience metrics are in their nascent stage, and there is currently no one-size-fits-all resilience 
measurement. At a high level, resilience metrics can be categorized as either attribute-based or 
performance-based. Attribute-based metrics describe the characteristics that make a system more 
resilient (e.g., robustness, resourcefulness, redundancy), and performance-based metrics typically 
seek to quantify the impacts of potential resilience investments on system performance (e.g., how 
much energy demand went unserved, for how long). Consequence-focused metrics are a subset 
of performance-based metrics that focus on the outcomes or consequences of a disruptive event.  

• A variety of methodologies can be used to assess resilience enhancement strategies, including N 
plus M redundancy (where N represents the minimum number of independent components 
needed to operate and M the number of redundant components kept available to replace the 
failure of a component N), network-based methods, layer of protection analysis, and probabilistic 
risk assessment (PRA). 

• There are several methods for monetizing resilience by estimating the dollar value of potential 
resilience enhancements. Economic valuation methods include the value of lost load (VoLL), 
customer damage functions (CDFs) (which build on the VoLL methodology), and cost-benefit 
analyses. Social metrics (such as loss of life, hospitalizations, and loss of economic stability) are 
a complementary category to economic, consequence-focused metrics in trying to capture the 
full effect of disruptive events on communities.  
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This document summarizes the current baseline of literature related to energy resilience metrics and 
valuation techniques. As this is a dynamic topic of research, however, this review necessarily provides a 
snapshot of current research as of mid 2023. This paper focuses on energy resilience; the rest of the 
document uses the term “resilience” as interdependent systems are a key consideration for resilience 
strategies. 
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1 Introduction 
1.1 Scope and Purpose 
The objective of this paper is to review the existing literature on defining, measuring, valuing, and pricing 
resilience. Reviewing the literature establishes a foundation for better understanding the current landscape of 
research related to measuring and quantifying the benefits of resilience investments, and also identifying 
existing gaps in research. Conducting a landscape survey of available resilience valuation methodologies 
also provides a stronger basis for analyzing measures to strengthen the resilience of communities. With an 
expanding ability to measure and value resilience comes the potential for new products, processes, services, 
and tools that can strengthen the ability of energy systems, the built environment, and communities to 
prepare for and withstand both climate-induced disturbances and other types of disruptive events. 

As a U.S. Department of Energy (DOE) national laboratory, the National Renewable Energy Laboratory 
(NREL) has a strong history of conducting comprehensive resilience assessments and related research. 
For the last 15 years, NREL has worked with communities to identify the causes of power outages, 
outline ways to promptly restore electricity if an outage does occur, and determine how best to prepare 
for and rebuild from disruptive events (Anderson et al. 2019).1 Using NREL’s resilience assessment 
methodology as a reference, the New York State Energy Research and Development Authority 
(NYSERDA) requested internal and external stakeholders to collaborate with NREL staff (Anderson et 
al. 2019). The goal of these discussions was to assess and expand NYSERDA’s current definition of 
resilience, as well as identify research gaps to help embed resilience in state-wide programs. 

This literature review is focused on power sector resilience, although resilience in this sector necessarily 
impacts society more broadly. Researchers began by reviewing resources across the categories of: (1) 
historical resilience threats for New York State, (2) methods for analyzing resilience risks, metrics, and 
potential mitigation techniques, (3) resilience valuation and monetization, and (4) social and cultural 
resilience. The focus was then narrowed to resilience measurement and valuation, asking how the resources 
from each of the four original categories related to resilience metrics and monetization or valuation. In total, 
researchers reviewed approximately 180 documents, with key word searches including but not limited to: 

• Energy efficiency resilience 
• Demand response resilience 
• Demand flexibility resilience 
• Social vulnerability power outages 
• Social vulnerability power outages resilience 
• Resilience measurement 
• Energy resilience measurement 
• Power sector resilience measurement 
• Resilience valuation 
• Energy resilience valuation 
• Power sector resilience valuation. 

 
1 In this paper, we use the term “disruptive event” rather than “natural disaster.” Multiple articles have emphasized that the 
“disaster” element of natural hazards is often a product of human design, engineering, planning, and construction (Chmutina 
and von Meding 2019; Kelman 2018; Chmutina, von Meding, and Bosher 2019). 
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Given the rapidly evolving landscape of research related to energy resilience measurement and 
valuation, this review necessarily provides a snapshot of the most relevant literature as of mid 2023. 

1.2 Defining Resilience 
In this paper, resilience is defined as “a system’s ability to anticipate, prepare for, and adapt to changing 
conditions and withstand, respond to, and recover rapidly from disruptions” (Hotchkiss and Dane 2019; 
White House 2013). NREL has used this definition of resilience since 2014, and U.S. legislators included a 
similar definition in the Bipartisan Infrastructure Law/Infrastructure Investment and Jobs Act (U.S. 
Congress 2021). The Infrastructure Investment and Jobs Act includes investments in resilience to lessen 
the risk and impact of extreme weather and climatic events, in terms of both acute shocks (e.g., hurricanes, 
floods, and wildfires) and chronic stressors (e.g., drought). Resilience refers to the ability of the energy 
system to avoid, withstand, and recover from the impacts of extreme weather and other disruptive events. 

The need for resilience is a pressing national issue across all infrastructure types, communities, and 
economic sectors (Hotchkiss and Dane 2019). Recent increases in the number and severity of acute 
weather events (e.g., storms) and human-caused incidents (e.g., cyberattacks) resulting in widespread, 
long-duration, and costly outages have brought resilience to the fore (Lin, Wang, and Yue 2022). A 
systems approach toward resilience is essential for capturing the linkages among environmental, social, 
economic, and security considerations (Fastiggi, Meerow, and Miller 2021; Roege et al. 2014). NREL’s 
definition of resilience captures this systems approach and recognizes the need to adapt to changing 
conditions in planning and design processes or approaches (like an increased emphasis on 
decarbonization). This expanded view of resilience is supported by several studies that highlight the 
need for flexibility and adaptation in achieving long-term resilience goals (Murphy et al. 2020; 
Anderson et al. 2019; Hassler and Kohler 2014). Identifying the built environment’s risk factors and 
protective variables is necessary to enhance and maintain critical functions in the face of disruption.  

1.3 Historical Threats 
Since 2010, every county in New York State has been affected by at least one federally declared weather 
disaster. From 2010 through 2023, New York State has experienced 46 extreme weather events costing 
the U.S. $1 billion or more after Consumer Price Index adjustments—including 26 severe storms, 9 
winter storms, 7 tropical cyclones, 2 droughts, and 2 flood events (NOAA 2023a). Across all states 
impacted by these 46 extreme weather events, the total estimated Consumer Price Index-adjusted cost is 
approximately $357 billion, and the number of deaths amounts to almost 1,250 people. Table 1 
summarizes these extreme weather events for the northeast region.2 Tropical cyclones accounted for 
approximately 55% (~$197 billion) of the total costs across this period, severe storms for approximately 
17% (~$60 billion), winter storms for approximately 14% (~$51 billion), droughts for approximately 
13% (~$45 billion), and flood events for approximately 1% (~$4 billion), just to highlight a few impacts. 

Table 1 is not an exhaustive list of all weather hazards that impacted New York State during this period 
and does not show the costs mitigated by preventative measures, but it helps provide an estimate of the 
potential value of investing in resilience. For example, of the 46 extreme weather events tallied in Table 1, 
seven tropical cyclones accounted for over half the costs. Given this insight, an organization or entity (in 

2 Note that these cost estimates and death rates are not specific to New York State—the “Total CPI-Adjusted Cost” and 
"Deaths” columns in Table 1 represent an aggregate across all impacted states. Deaths associated with drought are the result 
of heat waves. All data current as of August 3, 2023. For more information and to view the relevant data, visit: 
https://www.ncei.noaa.gov/access/billions/. 

https://www.ncei.noaa.gov/access/billions/


3 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

this case, New York State government organizations) might consider targeting future resilience 
investments toward the threats associated with tropical cyclones. 

Table 1. Weather and Climate Billion-Dollar Disasters That Affected New York From 2010–2023 
(Consumer Price Index-Adjusted) 

Event Name 
Event 
Type Month/Year 

Total CPI-Adjusted Cost 
(Millions of Dollars) Deaths 

Northeast Flooding Flooding March-10 $2,582 11 

Midwest/Northeast Severe Storms 
and Flooding 

Severe 
Storm 

July-10 $1,328 0 

Groundhog Day Blizzard Winter 
Storm 

February-11 $2,476 36 

Hurricane Irene Tropical 
Cyclone 

August-11 $18,082 45 

Tropical Storm Lee Tropical 
Cyclone 

September-11 $3,367 21 

Northeastern Winter Storm Winter 
Storm 

October-11 $1,239 1 

Southern Plains/Midwest/Northeast 
Severe Weather 

Severe 
Storm 

May-12 $3,041 1 

Hurricane Sandy Tropical 
Cyclone 

October-12 $85,202 159 

U.S. Drought/Heat Wave Drought July-05 $40,205 123 

Midwest/Plains/East Tornadoes Severe 
Storm 

May-13 $3,144 27 

Midwest/Plains/Northeast Tornadoes Severe 
Storm 

May-13 $2,376 10 

Midwest/Southeast/Northeast Winter 
Storm 

Winter 
Storm 

January-14 $2,825 16 

Midwest/Southeast/Northeast 
Tornadoes and Flooding 

Severe 
Storm 

April-14 $2,222 33 

Rockies/Midwest/Eastern Severe 
Weather 

Severe 
Storm 

May-14 $4,753 0 

Michigan and Northeast Flooding Flooding August-14 $1,321 2 

Central and Eastern Winter storm, 
Cold Wave 

Winter 
Storm 

February-15 $3,851 30 

Central and Northeast Severe 
Weather 

Severe 
Storm 

June-15 $1,488 1 

Southeast and Eastern Tornadoes Severe 
Storm 

February-16 $1,331 10 

Rockies and Northeast Severe 
Weather 

Severe 
Storm 

July-16 $1,847 0 

West/Northeast/Southeast Drought Drought July-05 $4,408 0 

Midwest Tornado Outbreak Severe 
Storm 

March-17 $2,720 2 

North Central Severe Weather and 
Tornadoes 

Severe 
Storm 

May-17 $1,167 1 

Midwest Severe Weather Severe 
Storm 

June-17 $1,871 0 
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Event Name 
Event 
Type Month/Year 

Total CPI-Adjusted Cost 
(Millions of Dollars) Deaths 

Central and Eastern Winter Storm Winter 
Storm 

January-18 $1,283 22 

Northeast Winter Storm Winter 
Storm 

March-18 $2,677 9 

Southern and Eastern Tornadoes 
and Severe Weather 

Severe 
Storm 

April-18 $1,595 3 

Central and Northeast Severe 
Weather 

Severe 
Storm 

May-18 $1,682 0 

Central and Eastern Severe Weather Severe 
Storm 

May-18 $1,658 5 

Southeast, Ohio Valley and 
Northeast Severe Weather 

Severe 
Storm 

February-19 $1,485 2 

Southeast Tornadoes and Northern 
Storms and Flooding 

Severe 
Storm 

January-20 $1,356 10 

South, East and Northeast Severe 
Weather 

Severe 
Storm 

February-20 $1,482 3 

Southeast and Eastern Tornado 
Outbreak 

Severe 
Storm 

April-20 $4,098 35 

Hurricane Isaias Tropical 
Cyclone 

August-20 $5,566 16 

Northwest, Central, Eastern Winter 
Storm and Cold Wave 

Winter 
Storm 

February-21 $26,316 262 

Southeast Tornadoes and Severe 
Weather 

Severe 
Strom 

March-21 $1,929 6 

Tropical Storm Elsa Tropical 
Cyclone 

July-21 $1,347 1 

Tropical Storm Fred Tropical 
Cyclone 

August-21 $1,418 7 

Hurricane Ida Tropical 
Cyclone 

August-21 $81,665 96 

Southeast, Central Tornado 
Outbreak 

Severe 
Storm 

December-21 $4,268 93 

Southeast Tornado Outbreak Severe 
Storm 

April-22 $1,488 3 

Central Derecho Severe 
Storm 

June-22 $3,343 1 

North Central and Eastern Severe 
Weather 

Severe 
Storm 

July-22 $1,380 1 

Central and Eastern Winter Storm 
and Cold Wave 

Winter 
Storm 

December-22 $8,614 87 

Northeastern Winter Storm / Cold 
Wave 

Winter 
Storm 

February-23 $1,767 1 

South and Eastern Severe Weather Severe 
Storm 

April-23 $1,949 23 

Central Tornado Outbreak and 
Eastern Severe Weather 

Severe 
Storm 

March-23 $5,421 33 

Total $356,631 1248 

Table by NREL, data from NOAA 2023a 
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Historical analyses are one way to quantify the impacts associated with both acute and chronic disruptive 
events. To understand how to incorporate resilience solutions, it is also important to recognize potential 
future risks. While impossible to predict fully, the literature points to the ways in which climate change 
will exacerbate severe weather events in the future. The 2022 Intergovernmental Panel on Climate Change 
report issues a stark warning that climate change will cause unavoidable increases in multiple hazards, 
even under the rapidly approaching 1.5°C Paris Agreement goal (IPCC 2022). According to the World 
Meteorological Organization, there is a 66% probability that annual average near-surface global 
temperatures will exceed this 1.5°C goal for at least one year between 2023 and 2027 (WMO 2023). 
Temperatures are likely to reach record levels during this time in part because of a naturally occurring El 
Niño event, a phenomenon associated with above-average equatorial sea surface temperatures that has 
historically exacerbated extreme weather events and reduced country-level economic growth (NOAA 
2023b; WMO 2023; Callahan and Mankin 2023). The National Oceanic and Atmospheric Administration 
predicts El Niño conditions to gradually strengthen into the Northern Hemisphere during the winter of 
2023–2024 (NOAA 2023). The El Niño predicted for 2023 could alone result in more than $3 trillion of 
lost global income by 2029 (Callahan and Mankin 2023; Horn-Muller 2023).  

The Northeast chapter of the Fourth National Climate Assessment specifically details how extreme 
weather, higher temperatures, and sea level rise will adversely impact residents of the northeastern U.S. 
states. Critical infrastructure interdependencies across water, energy, transportation, and 
telecommunications could lead to cascading failures during climate-related disruptions. For example, the 
Northeast is projected to experience a significant increase in summer heat and heat waves that will 
further stress summertime energy peak load demands. The region’s high density of built environment 
sites and aging housing and infrastructure (compared to other regions) also suggest urban centers in the 
Northeast are especially vulnerable to climate shifts and extreme weather (USGCRP 2018). The Federal 
Emergency Management Agency’s (FEMA’s) National Risk Index identifies some of the top hazards 
and threats facing New York State as flood events, heat waves, hurricanes, and extreme winter weather 
like ice storms and cold snaps (FEMA 2021a).  

All of this means New York State would benefit from increased planning and preparation for the types 
of events listed in Table 1, accounting for increased event severity and duration. Increased storm wind 
speeds, larger amounts of precipitation, rising sea levels, and longer-duration heat and cold spells are 
anticipated, as well as new hazards and threats. It is imperative to include extreme weather events, 
gradual climate shifts like rising temperatures and humidity, and associated changes in behavior (such as 
increased power demand) in planning for future program designs, operations, governance, and 
investments. Research has shown states with more residential customers (e.g., CA, TX, FL, NY, and 
PA) tend to observe larger unanticipated surges in electricity demand, due to events like swings in 
temperature change. These states are also becoming more vulnerable to high-impact, low-frequency 
events because of an increased population concentration in areas prone to extreme weather events (Ankit 
et al. 2022).  

It is important to recognize that power systems must be resilient against non-climate hazards as well. 
There are four main categories of disruptive events summarized in the literature: (1) natural hazards; (2) 
mechanical failure; (3) human attack; and (4) operational failure. In recent years, the Northeast region of 
the United States has improved its power system resilience to natural hazards compared to outages from 
the other three event categories (Ankit et al. 2022). There must also be an emphasis on improving 
infrastructure resilience against human and operational events that, like severe weather, can lead to 
single-component faults or cascading failures (Bie et al. 2017). New York will likely also increase the 
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proportion of renewable energy technologies in its power generation mix to meet the goals outlined in 
the New York State Climate Act (Hibbard et al. 2020). An increase in solar generation, hydropower, 
wind generation, and energy storage assets means certain weather and environmental conditions can 
affect electrical supply and dispatch throughout the grid. Weather events like prolonged cloudy 
conditions, high temperatures, and lulls in wind could increase the uncertainty of electrical supply, 
which introduces other sets of considerations for capacity planning and grid flexibility. 

This paper is organized into two parts: the first section provides an overview of the literature on 
measuring resilience, and the second section provides an overview of the literature on valuing resilience. 
“Part I: Measuring Resilience” discusses the similarities and differences between resilience and 
reliability, different categories of resilience metrics, and a high-level overview of different analysis 
methodologies that could help evaluate performance enhancements associated with resilience strategies. 
“Part II: Valuing Resilience” discusses the monetization of resilience, a cost-benefit analysis approach 
that uses probabilistic risk assessment (PRA), and consequence-focused metrics. Appendices have been 
included to define key terms and provide additional details on reliability metrics and quantification.  
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2 Part I: Measuring Resilience 
2.1 Resilience vs. Reliability 
Reliability measures are often relevant to resilience—especially in the power sector, where reliability 
has a specific definition. When attempting to quantify the consequences of a disruptive event on grid 
operations and power delivery, for example, we might use megawatt hours (MWh) of power not 
delivered because of a storm to measure either reliability or resilience (Petit, Vargas, and Kavicky 
2020). Reliability is a long-established concept in the power sector, while definitions of resilience are 
still evolving. It is important to note, however, that resilience is inherently contextual; systems resilient 
to one hazard or threat type may not be resilient to another hazard or threat type. For example, a system 
resilient to hurricanes might not be resilient to earthquakes (Jeffers et al. 2020). 

The most common differentiator between reliability and resilience is the probability and impact of the 
disruptive event under consideration (Cicilio et al. 2021). Reliability typically deals with routine, 
shorter-term events (like lightning strikes and vegetation encroachment) or the unanticipated loss of 
system elements from credible contingency events (e.g., electric insulation failure on a generator) 
(NIAC 2010; NASEM 2017; AEMC 2023). Alternatively, a resilience approach typically focuses on 
low-probability, high-consequence events like extreme weather or large-scale cyberattacks. Resilience 
events have the capacity to cause multiple instantaneous or cascading component failures and affect a 
significant number of customers, often spanning a wide geographic extent (Bie et al. 2017).  

Resilience extends and includes reliability, allowing for the evaluation of systems in terms of both minor 
routine disruptions and major disruptions from extreme events. Considering both routine and extreme 
disruptions helps to create a more stable, resilient system. Figure 1 shows the different phases of a 
resilience event and the potential performance of a system both before and after this event. Repair and 
restoration are typically more complex for resilience events, in part because resilience events tend to 
result in longer outage durations than reliability events. Low-probability, high-consequence disruptions 
have the potential to damage numerous system components, prevent timely service restoration to 
impacted transmission and distribution equipment, and lead to competing priorities for a limited number 
of field crews and facilities (Liu 2015). 

 
Figure 1. Phases of a resilience event 

Figure by NREL, adapted from Linkov, Trump, and Hynes (2019) 
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Resilience is an expansive concept that extends reliability and includes broader characteristics like 
economic resilience, readiness for climate shifts, operational flexibility, and the ability to move 
resources as needed (Stout et al. 2019). Resilient systems employ recursive and adaptive processing that 
includes sensing, anticipating, learning, and adapting—both following an acute shock or disruptive 
event and over the long term to address chronic stressors. This process-oriented perspective has 
important implications for the management of complex engineering systems like the power grid (Ayyub 
2014). Reliability might evaluate different power system states (e.g., resilient state, post-event degraded 
state, restorative state, post-restoration state), whereas resilience is also a function of the transition time 
between these states. This time-based dimension is an important differentiating feature for resilience 
(Panteli and Mancarella 2015). Figure 2 summarizes some of the key differences between resilience and 
reliability. 

 

Figure 2. Reliability versus resilience 
Figure by NREL, adapted from NIAC (2010); Hotchkiss and Dane (2019); Stout et. al (2019) 

Resilience approaches also acknowledge that higher-level consequences to human wellbeing can 
become extreme for high-impact, low-frequency events—and therefore focus on addressing solutions 
that could decrease these negative consequences. In some cases, this can mean the most effective 
resilience investment may not decrease outage risk equally for all customers (Cicilio et al. 2021). 
Adding more nuance to current valuation methods can help better capture the landscape of possible 
resilience benefits. 

2.1.1 Reliability Metrics 
Metrics for reliability are mature and widely adopted at both transmission and distribution levels. Given 
NYSERDA’s interest in bolstering resilience across customer-facing entities, we first highlight 
distribution-focused reliability metrics before turning to transmission-focused metrics. Since the early 
1970s, electric utilities have used reliability metrics from the Institute of Electrical and Electronics 
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Engineers (IEEE). In 2012, IEEE defined six average-based and two customer-based reliability indices 
that are now industry standard (IEEE 2012) (see Table 2). Electric utilities use these indices to improve 
year-over year system reliability, infer infrastructure health, and estimate customer satisfaction.  

Appendix D provides additional details on how to calculate these reliability metrics (IEEE 2012). 

Table 2. IEEE 1366 Reliability Metrics 

AVERAGE-
BASED 
METRICS 

System Average Interruption 
Duration Index (SAIDI) 

Indicates total duration of the average customer 
interruption 

System Average Interruption 
Frequency Index (SAIFI) 

Indicates how often the average customer 
experiences an interruption 

Customer Average Interruption 
Duration Index 

Indicates average time to restore service 

Customer Average Interruption 
Frequency Index 

Indicates how many interruptions each impacted 
customer experiences 

Momentary Average 
Interruption Duration Index 

Indicates total duration of the average customer 
momentary interruption (i.e., interruptions 
lasting less than five minutes) 

Momentary Average 
Interruption Frequency Index 

Indicates how often the average customer 
experiences a momentary interruption (i.e., 
interruptions lasting less than five minutes) 

CUSTOMER-
BASED 
METRICS 

Customers Experiencing Long 
Interruption Durations (CELID) 

Indicates the ratio of individual customers that 
experience interruptions with durations longer 
than or equal to a given time. That time is either 
the duration of a single interruption (s) or the 
total amount of time (t) that a customer has 
been interrupted during the reporting period 

Customers Experiencing 
Multiple Interruptions 

Indicates the ratio of individual customers 
experiencing n or more sustained interruptions 

Table by NREL, adapted from IEEE (2012) 

Although traditional reliability metrics are useful for maintaining service subject to low-impact, high-
frequency events, these indicators are insufficient for measuring resilience. The IEEE reliability metrics 
use unweighted data that cannot account for regional differences in policy and regulatory standards, 
socioeconomic factors, system configurations, customer density, and hazard exposure. The use of 
unweighted data means these metrics cannot capture disproportionate damages and losses across 
different regions during the same outage scenario (Ankit et al. 2022). In evaluating average-based 
metrics (SAIDI, SAIFI, Customer Average Interruption Duration Index), utilities often exclude major 
outages caused by unexpected or high-impact events. As a result, a highly reliable power system 
according to these metrics is not necessarily a resilient one (Bie et al. 2017).  

Transmission operators use different reliability metrics than utilities. For example, New York 
Independent System Operator reliability metrics focus on transmission security and resource adequacy, 
examples of which are included in Table 3. These reliability metrics are under strain from several 
factors, however. One universal factor is the shift from “normal” weather conditions to more extreme 
(and less predictable) weather conditions resulting from climate change. Factors specific to New York 
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State include a reduction in power generators due to the Peaker Rule, a 2019 New York State 
Department of Environmental Conservation rule that reduces ozone-contributing pollutants associated 
with New York State-based peaking unit generation. The New York Independent System Operator 
(2022a) predicts Peaker Rule compliance obligations phased in between 2023 and 2025 will impact 
approximately 3,300 megawatts (MW) of electricity generation. The Peaker Rule also includes a 
potential higher-than-planned load level in part due to increased electric vehicle adoption and New 
York’s projected shift to a winter-peaking power system because of an increase in electrification for 
space heating, water heating, clothes drying, and cooking (NYISO 2021). 

Table 3. New York Independent System Operator Grid Reliability Metrics 

Transmission 
Security Margins 

Described as the power margin (MW) by subtracting load (forecasts and 
operating reserve requirements) from power sources (New York Control 
Area generation and external area interchanges) 

Loss of Load 
Expectation (LOLE) 

Defined as the expected (weighted average) number of days in a given 
period (e.g., one study year) when for at least one hour from that day the 
hourly demand is projected to exceed the zonal resources (event day). 
Within a day, if the zonal demand exceeds the resources in at least one hour 
of that day, this will be counted as one event day. The New York 
Independent System Operator criterion is that the LOLE does not exceed 
one day in 10 years, or LOLE < 0.1 days/year. 

Zonal Resource 
Adequacy Margins 

Defined as the amount of “perfect capacity” in each zone that could be 
removed before the New York Control Area LOLE reaches 0.1 days/year 
(one-event-day-in-10-years). “Perfect capacity” is capacity that is not derated 
(e.g., due to ambient temperature or unit unavailability), not subject to 
energy duration limitations (i.e., available at maximum capacity every hour of 
the study year), and not tested for transmission security or interface impacts. 

Binding Interfaces Described as when a specific transmission interface impacts system 
resource adequacy. This is determined by an analysis that removes the limit 
on various transmission interfaces in resource adequacy models—either one 
at a time or in various combinations—and observes whether the system 
results in a decrease in LOLE, indicating that the flow of power across the 
interface is “binding” due to transmission constraints. 

Table by NREL, adapted from NYISO (2021) 

Both reliability and resilience help maintain grid operations at an acceptable level of performance, but 
there are some key differences. For example, reliability metrics typically do not capture or report long-
duration outages—which have become increasingly relevant to customer safety and satisfaction, given 
both the greater frequency of extreme weather events and the widespread adoption of remote work 
during the COVID-19 pandemic. By focusing on event duration and recovery time through a more 
qualitative lens, resilience can help contextualize the time-based aspects of grid reliability (e.g., provide 
information on the total outage duration of specific critical facilities or pinpoint differences in recovery 
times among certain customers). Reliability metrics are also not designed to capture secondary impacts 
to systems when power is lost. These secondary impacts include economic consequences, critical 
infrastructure damages, and effects on local and regional communities (Petit, Vargas, and Kavicky 
2020). As we discuss below, resilience metrics do attempt to capture these critical secondary impacts 
and interdependencies. 
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In general, reliability metrics do not encompass resilience because they: (1) exclude major event days from 
the calculations; (2) ignore the consequences resulting from disruptive events, which can create potentially 
unintended inequities; and (3) ignore the fact that consequences from those events change over time.  

2.1.2 Resilience Metrics 
Unlike reliability metrics, resilience metrics are still in their nascent stage (Anderson, Hotchkiss, and 
Murphy 2019). The main challenge for resilience metrics is how to turn the complex concept of 
resilience into measurable indices, because there is no single metric that applies to all aspects of 
infrastructure or every domain within the energy sector. Resilience metrics aim to capture the impacts of 
a low-probability, high-consequence disruptive event. Impact categories include the ability of a system 
to: (1) avoid a disruption; (2) mitigate the effects of a disruption should one occur; and (3) recover 
quickly following a disruption (Watson et al. 2015). Recent research has also emphasized the 
importance of developing metrics to capture the equity-focused components of resilience—like response 
time, deprivation time, and the social consequences of infrastructure service disruptions (Lin, Wang, and 
Yue 2022; Clark et al. 2022; Dugan, Byles, and Mohagheghi 2023). We discuss the literature on 
consequence-focused and social metrics in greater detail in Part II. 

There is no one-size-fits-all resilience metric capable of addressing every decision-making requirement 
(Willis and Loa 2015). The appropriate metric or set of metrics will depend on context like the energy 
sector, geographic region, or timescale under consideration—as well as the needs of specific individuals, 
communities, or systems. Resilience metrics should align with adaptation and resilience strategic 
priorities at the state or local level, which will help narrow down the measurements needed to make 
progress (California OPR 2022). A multilayer metric system can best incorporate the different 
perspectives and goals of power sector stakeholders. For example, one layer might be the time-
dependence of a given metric over the course of a disruptive event (Murphy et al. 2020).  

At the highest level, we can categorize resilience metrics as either attribute-based or performance-based. 
Attribute-based metrics typically help describe the properties or characteristics of a resilient system. 
Performance-based metrics can help inform resilience investment decisions and capture the effects of a 
disruptive event (through consequence-focused metrics, a subset of performance-based metrics) 
(Anderson et al. 2021). A combination of attribute-based and performance-based metrics can be helpful 
to comprehensively represent the complexities of resilience, especially because we do not currently have 
the data to validate a solely performance-based approach. 

2.1.3 Attribute-Based Metrics 
Attribute-based resilience metrics often take the form of qualities that describe the characteristics of a 
resilient system. Attribute-based metrics can be helpful in measuring resilience when numeric indicators 
are unable to provide a complete picture of the system (e.g., because certain data are unavailable, 
detailed modeling is prohibitively expensive, or when a qualitative lens is helpful) (Schipper and 
Langston 2015). Resilience attributes enhance a system’s ability to perform as intended during major 
disruptive events (Vugrin, Castillo, and Silva-Monroy 2017). 

There are many examples of resilience attributes and attribute groupings. One example is the attribute 
grouping used by the U.S. Air Force, called the 5 Rs: robustness, redundancy, resourcefulness, response, 
and recovery. The first three Rs are preventative or planning-based attributes, and the last two are 
performance or operation-based attributes (Rits 2019; Cicilio et al. 2021). Taken together, the 5 Rs help 
capture the complex and dynamic nature of resilience and provide an umbrella for other resilience 
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attributes (USAF 2021). We delve further into each of the 5 Rs below. Although each of these attributes 
is listed independently, they often overlap. For example, system redundancy can help with overall 
robustness of the system—but like the difference between reliability and resilience, one does not 
necessarily imply the other. Just because a system has redundancy built in does not automatically make 
it robust. The 5 Rs are described in more detail in Table 4. 

Table 4. The U.S. Air Force 5 Rs Resilience Attributes 

Robustness Robustness refers to a system’s ability to withstand disturbances (USAF 2021). It is a 
physical attribute describing the level to which assets are hardened against disruptions 
(Anderson et al. 2019). Because robustness addresses a system’s ability to tolerate both 
acute and chronic shocks, it incorporates the concept of reliability. 

Like resilience and reliability, robustness and reliability are interrelated but not the same. 
Robustness is “the ability of the system to withstand a given level (of disruption),” and 
reliability is “the ability of the system…to withstand instability, uncontrolled events, 
cascading failures, or unanticipated loss of system components” (Francis and Bekera 
2014; DOE 2017). Unlike robustness, reliability focuses on the ability of energy systems to 
provide service during frequent disruptions. A reliable system and system components, 
however, do offer long-term and robust performance in their intended function (Shandiz et 
al. 2020). Robust performance describes a system and infrastructure capable of absorbing 
some level of impact or shock with minimal disruption to customers. 

Redundancy Redundancy describes a system with multiple pathways toward mission assurance 
(Anderson et al. 2019). Spare capacity and backup systems enable the maintenance of 
core functionality in the event of disturbances (USAF 2021). Like robustness, redundancy 
is a primarily physical attribute. For example, adding a backup power line is a physical 
measure that will improve overall redundancy. 

Redundancy is essential for resilience. Including additional resources beyond those 
required for daily operations increases a power system’s resilience because these 
resources can be relied on during other infrastructure failures or fuel shortages. Increasing 
supplies, routes, or incorporating redundancy to overall systems will reduce the risks of 
those systems failing (Stout et al. 2019). 

Resourcefulness Resourcefulness refers to a system’s flexibility in adapting to new conditions (Anderson et 
al. 2019). It is an operational measure describing a system’s ability to adapt to crises, 
respond flexibly, and neutralize negative impacts (Shandiz et al. 2020; USAF 2021). 
Community coordination, available power generation, energy storage, and recurring 
training exercises all contribute to resourcefulness (Rits 2019). 

Response Response refers to a system’s ability to mobilize quickly in a crisis (USAF 2021). It is an 
operational measure describing the capacity of a system to self-heal, automatically 
respond to disruption, and manage the adverse effects of an event (Anderson et al. 2019; 
Petit, Vargas, and Kavicky 2020). 

Recovery Recovery describes the extent to which assets can bounce back from disruption 
(Anderson et al. 2019). It is an operational measure referring to a system’s ability to regain 
a degree of normality after an event, be flexible, and evolve to deal with new 
circumstances (Shandiz et al. 2020; USAF 2021). It also captures a system’s capacity to 
return conditions to an acceptable level of operation (Petit, Vargas, and Kavicky 2020). We 
can also break recovery down into a subset of events, ranging from best (expeditious 
recovery to a state that is better than before a disruptive event) to worst (recovery to a 
state that is worse than before a disruptive event) (Ayyub 2014). 
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Although all the attributes in the 5 Rs are widely accepted resilience attributes, they do not constitute an 
exhaustive list. Some literature instead emphasizes the importance of resilience stages like preparedness, 
mitigation, response, and recovery, following the FEMA structure (Bie et al. 2017). Other authors 
equate resilience with adaptive capacity and attempt to identify the key components of adaptive 
capacity—like diversity, redundancy, efficiency, and optimal system structure (Molyneaux et al. 2016). 
Additional related (but separate) resilience attributes found in the literature include anticipation, 
absorption, adaptation, flexibility and interoperability, rich information and creativity, and system 
fragility (Roege et al. 2014; Younesi et al. 2020). 

Other important attribute-based frameworks define different forms or outcomes of resilience. Resilience 
can be inherent (i.e., possessing the capacity to respond to disruptive events without special measures) or 
adaptive (i.e., measures that can reduce the impact of disruptive events—like rescheduling or 
temporarily relocating power production) (Baik et al. 2021). We can also use qualitative indicators to 
gauge the resilience of built systems. Examples of these indicators include whether critical lifeline 
services and facilities are accessible and reliable throughout the lead up to and recovery from a disruptive 
event, as well as whether plans and codes address climate risk and adaptation (California OPR 2022). 

There are also attribute-based metrics that are quantitative. For example, the available MW of spare 
capacity in a grid system helps describe that system’s robustness (Watson et al. 2015; Willis and Loa 
2015). To help measure the attribute of response, we can use MW of curtailable load or number of 
linemen on call to respond to grid restoration (Willis and Loa 2015). 

2.1.3.1 Performance-Based Metrics 
Performance-based metrics help outline information that utilities, regulators, and other stakeholders can 
use to monitor and improve the grid performance of resilience investments (Broderick et al. 2021). 
These metrics are most helpful when evaluating the effectiveness of certain resilience measures or 
comparing the level of resilience of different systems. Performance-based metrics are most meaningful 
when applied or evaluated for a specific event (Bie et al. 2017).  

Performance-based metrics describe how a system performed, or is expected to perform, during a 
disruptive event (Vugrin, Castillo, and Silva-Monroy 2017). These metrics are generally quantitative 
approaches for answering the question “How resilient is my system?” and vary based on the system 
under consideration (Petit, Vargas, and Kavicky 2020; Raoufi et al. 2020). For example, performance-
based metrics for a building can capture passive survivability, while metrics for an electric power 
distribution network might measure expected energy not served—or the average curtailed energy of the 
load point when the load point experiences an interruption due to a disruptive event (Ayyub 2014; 
Schneider et al. 2021). 

Performance-based metrics for energy systems are often measured in units (like MWh or Metric Million 
British Thermal Units) or measurements derived from performance, such as percentage of energy 
delivered or time until restoration. These metrics draw heavily from historical events, subject matter 
estimates, and computational infrastructure models. Other examples include MWh of load curtailed, 
percentage of customer demand met or expected demand not supplied, and average number or 
percentage of critical loads that experience an outage (Petit, Vargas, and Kavicky 2020; Ayyub 2014).  

The temporal component of these metrics is also important to evaluate—for example, how many MW of 
load is curtailed every hour. Evaluating performance-based metrics over time can help reveal the 
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nonlinearity of impacts across time and space over the course of a disruptive event. Because 
performance-based metrics can measure the potential benefits and costs associated with proposed 
resilience enhancements and investments, performance-based methods are often valuable for cost-
benefit and planning analyses (Petit, Vargas, and Kavicky 2020). Consequence-focused metrics are an 
important subset of performance-based metrics for resilience measurement and valuation purposes. 

2.1.3.2 Consequence-Focused Metrics 
Consequence-focused metrics (often used interchangeably with the term “outcomes-based metrics”) are 
a subset of performance-based metrics that describe the consequences or expected consequences of a 
given disruptive event. These metrics effectively extend the performance of infrastructure to the 
consequences for society. Consequence-focused metrics often use economic or health-related units of 
measurement. Examples include reduction in gross domestic product, cost of repair, value of insurance 
claims, total value of lost load (VoLL), and number of fatalities. 

Consequence-focused metrics attempt to quantify the effect of system performance on diverse aspects of 
society. Raoufi et al. (2020) identify consequence-focused metrics across four key categories: economic, 
social, geographic, and safety and health. An economic consequence-focused metric might be the cost 
savings of loads served by a microgrid (Anderson et al. 2017), while a social consequence-focused 
metric could be the social vulnerability index (Flanagan et al. 2018). Geographic metrics identify the 
physical areas lacking electricity, while safety/health-related metrics might include number of 
hospitalizations or the loss of human life. Other categories of consequence could include environmental 
and national security (or military).  

We also see some authors take a service-based approach to consequence-focused metrics, attempting to 
emphasize the impact of a disruptive event on critical services like electricity, heating, cooling, and 
water (Shandiz et al. 2020). Resilience events are more likely than reliability events to have 
exponentially increased consequences, due to the nonlinear effects associated with extremely long-
duration or widespread outages (Broderick et al. 2021). We discuss the literature on consequence-
focused and social metrics in greater detail in Part II. 

2.1.3.3 Combining the Metrics 
Metrics categories are useful for understanding the resilience measurement landscape. To capture 
resilience as accurately as possible, however, it is often helpful to combine available metrics. Because 
resilience metrics describe events with a low probability of occurrence, these metrics would ideally be 
expressed in risk-based terms. A risk-based resilience approach considers interactions between the 
likelihood of an event occurring and the severity of that event’s consequences should it occur. For 
example, a risk-based resilience approach would calculate the expected resilience benefits of a microgrid 
across the entire range of potential outages over a predetermined time horizon. There are limitations to 
this approach, however, given the challenges associated with calculating risk-based metrics. A lack of 
data on outage durations for the power grid and a rapidly shifting hazard profile due to climate change 
often make it difficult to determine the likelihood and consequences of major disruptive events. 

A scenario analysis, which uses “what-if” or counterfactual analyses, provides another potential pathway 
for combining resilience metrics. For example, a scenario-based method could consider the expected 
resilience savings of a microgrid given a weeklong outage (instead of considering the full range of 
potential outages). Scenario-based metrics are limited when determining costs and benefits, whereas 
risk-based metrics are highly sensitive to the potential range of assumed probabilities.  
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The literature points to other potential methods for combining resilience metrics. Bhusal et al. (2020) 
and Cicilio et al. (2021) combine attribute-based and performance-based metrics into two main 
categories of resilience strategy: operation-based and planning-based. Operation-based resilience 
strategies implement protection schemes and keep the system operational during and following a 
disruptive event, while planning-based methods target electrical grid expansion and hardening to 
withstand predicted disturbances. There can be some overlap between these categories as well—some 
planning-based measures might focus on operational improvements, such as developing a procedure for 
pre-positioning supplies when an event is forecasted.  

Petit, Vargas, and Kavicky (2020) propose a comprehensive resilience metrics capability based on both 
multi-criteria decision analysis (an attribute-based approach) and performance-based techniques. Multi-
criteria decision analysis supports the development and ranking of high-level resilience enhancement 
alternatives, while performance-based metrics support cost-benefit analysis and help calculate the 
decrease in risk associated with each identified alternative. In the context of electric utility planning, for 
example, planners could use the attribute-based approach to conduct a high-level gap analysis of where 
their system could benefit from resilience investment. This gap analysis would then feed into the 
performance-based approach, which could calculate a baseline risk and produce more refined 
alternatives. Utility planners could then conduct as many iterations of this process as they see fit. 

The exact choice of metric or metrics for a resilience analysis will always depend on relevant baseline 
and intended upgrades. For example, a performance-based metric (like increased hours of survivability) 
could help measure resilience upgrades at a single location but might lack applicability for broader 
regional upgrades. Conversely, a metric such as MWh of load shed can be valuable for measuring 
broader grid upgrades but insufficient for capturing the nuances of a single site. We discuss potential 
analysis methodologies for resilience below. 

2.2 Analysis Methodologies 
Analytical methods to assess reliability, resilience, risk, and mitigation techniques are as diverse as the 
systems they model. As with resilience metrics, there is no one-size-fits-all analytical method. Some 
analytical methods are also better suited to reliability than to resilience. Because reliability focuses on 
low-impact and high-frequency events, deterministic methods (e.g., N-1 contingency evaluations) can 
reasonably quantify the preparedness of the system. Resilience instead focuses on high-impact and low-
frequency events, and so probabilistic methods are required to account for the likelihood of these events. 
It is important to note, however, there is a lack of clear criteria to delineate a rare versus frequent 
event—especially as the frequency of once “rare” events (like a 100-year-flood) increases due to climate 
change (Cicilio et al. 2021). In this section, we provide a high-level overview of several analytical 
approaches for both resilience and reliability that are potentially relevant to New York State, both from 
energy and non-energy perspectives. Before describing the methodologies, we raise several caveats.  

First, many analytical methods rely on historical or a priori data. Climate change, novel or young 
technologies, and evolutions in human behavior create an environment where historical data are not 
always accurate predictors of future events. For example, climate change has the potential to exacerbate 
the intensity of historic events like heat waves, winter storms, and hurricanes (USGCRP 2018). Climate 
change also has the potential to introduce new risks to previously unaffected areas. Wildfires are one 
example of an expanding climate hazard that would have been highly unlikely in some areas without 
climate-induced increases in ambient temperatures and decreases in precipitation (Dennison et al. 2014). 
Focusing on changes to human behavior, relatively novel technologies such as personal cellular phones, 
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social media, and public information campaigns3 have all changed how humans react during extreme 
events (Simon, Goldberg, and Adini 2015; EL Khaled and Mcheick 2019). A critical look at all analysis 
methodologies that rely on historical or a priori knowledge is vital to considering how future trends can 
impact current results and conclusions.  

Second, many analysis methods assume a system is “coherent.” A coherent system is one that increases 
its resilience as each system component is hardened (Zio 2007; Haarla et al. 2011). We often see the 
assumption of a coherent system in engineered systems, where a reduction in the failure rate of an 
individual component reduces the system failure rate by a quantifiable amount. This correlation between 
failure rates leads to a clear cost-benefit optimization for hardening an individual system component 
(Stamatelatos and Dezfuli 2011). The assumption of a coherent system is not always valid from the 
perspective of state- and city-scale systems, however, because these include both engineered and social 
systems. For example, strengthening components that reduce risk to flooding can increase risks for other 
catastrophes (e.g., levies designed to protect city centers can push flood waters into surrounding areas) 
(Heine and Pinter 2012).  

An adaptation for one hazard that leads to increased vulnerabilities for other hazards is often termed a 
“maladaptation.” Poorly designed climate adaptation strategies can result in such maladaptation, where 
exposure and sensitivity to climate change impacts increase due to action taken. Maladaptation is thus 
more impactful than simply wasting time and money; it results in creating conditions worse than those 
the original strategies were attempting to address (Schipper 2020). Climate change literature specifically 
calls for planners to prioritize anticipation of the risk of maladaptation, methodologies for better 
assessing maladaptation, and systems thinking when evaluating and mitigating risk (Magnan et al. 2016; 
Schipper 2022; Noble et al. 2014).  

Third, many analysis methods do not fully account for cascading failures. Cascading failures—or 
failures in which interconnectedness leads to the malfunction of other parts—can span energy, water, 
food, communications, and human systems (Govindan and Al-Ansariet 2019; Busby et al. 2021). The 
ability of an analysis to capture cascading failures is usually a trade-off for the simplicity or complexity 
of an analysis, the availability of data, and the time or funding scope of the analysis period. Even so, 
planners conducting an analysis should understand that cascading failures are an important consideration 
in modern analysis frameworks, even if project constraints do not allow their full investigation.  

Considering these caveats, the analysis frameworks below can be used for estimating the reliability, 
resilience, risk, and potential benefits of mitigation techniques. For example, N plus M redundancy can 
examine systems experiencing routine failures due to aging equipment (reliability) or systems 
experiencing climate-related shocks and stresses (resilience). The methodology does not predetermine 
reliability or resilience analysis, and the calculated risk can serve as the estimated risk to a system based 
on either a reliability or resilience event. For this report, the focus will be on how these frameworks can 
help inform resilience analyses. 

2.2.1 N Plus M Redundancy 
N plus M (N+M) redundancy is a deterministic method of evaluating redundancy or resilience. N 
represents the minimum number of independent components needed to operate. M is the number of 
redundant components kept available to replace the failure of a component N. The more components 

 
3 Public information campaigns are not novel, but their implementation method has greatly changed in the past 20 years. 
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kept in reserve that can perform the same function and replace a failed component, the more redundant 
and potentially more resilient the system (White and Miles 1996; Barringer 1996). In computer server 
systems, electric grids, and backup power situations, it is common to have at least one backup 
component for each critical system—leading to “N+1” as a common level of redundancy. Many utilities, 
however, are going beyond the N+1 concept to add additional levels of redundancy.  

When failure is the result of a common cause failure (CCF), redundancy does not necessarily increase 
resilience. A CCF is an event in which multiple failures occur in a short period of time due to a common 
cause, or when two or more elements fail due to a shared cause. For example, if a site only requires one 
diesel generator but has two available diesel generators, it is estimated to have N+1 redundancy. If the 
site has a constrained fuel supply during the disruptive event and runs out of diesel fuel, however, 
adding more generators to the site will increase N+M redundancy metrics without increasing resilience 
to fuel-constraining disruptions.  

2.2.2 Network-Based Methods 
Power systems and human systems are becoming more interconnected through communication systems. 
The resilience of power and communication networks can be examined via complex network theory 
(Jiang, Gao, and Chen 2009; Saleh, Esa, and Mohamed 2018). Complex network theory is a statistical 
branch of mathematics built upon graph theory. A series of nodes represents system components in 
network theory, and edges are the link between nodes where energy or data can be transferred (for a 
power and communication-type network). Mathematical methods to express the resilience of a network 
include: (1) the “connectedness” of the system; (2) the average path length between any two nodes; (3) 
the number of nodes that can be removed before complete system failure (like N plus M redundancy); 
and (4) the critical nodes that, if removed, isolate part of the system. 

Adding edges or nodes can help increase system resilience in a quantifiable way. By mapping an 
existing network onto complex network analysis, as shown in Figure 3 and even by adding in weights 
for the nodes and edges, system upgrades can be evaluated from a network theory perspective to see if 
and how network upgrades improve resilience. Network-based methods can also encompass complex 
systems and systems-of-systems work. For example, Dobson (2012) uses a branching process model and 
standard utility data to quantify the effect of cascading failure on blackout extent at the transmission 
level.  

 
Figure 3. 15-node network  

Figure by NREL 
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2.2.3 Layer-of-Protection Analysis 
The analysis methods discussed thus far have largely been technology- and system-agnostic. N + M 
redundancy and network-based methods are mathematical methods to describe a system, and adding 
redundancy or nodes changes the system layout and estimated resilience but is often blind to case-
specific analysis events (unless the nodes contain specific technology attributes). Layer-of-protection 
analysis (LOPA) is considered a low-cost and low-data analysis methodology to bring technology and 
hazard awareness to systems analysis. LOPA begins by identifying major events, usually CCF events, 
that could cause severe disruption to the system. Using these events, the weakest link in the system is 
identified (usually through mixed qualitative-quantitative methods) and a protection layer is designed to 
specifically address the weakest link (Willey 2014; Markowski and Kotynia 2011).  

Different industries employ LOPA, and each industry has specific methods for implementing it. An 
example found in literature from the chemical industry includes the “bowtie” model shown in Figure 4 
where the potential causes of system faults are organized on the left of the bowtie and consequences are 
arranged on the right (Markowski and Kotynia 2011). At the center is the CCF that could lead to system 
consequences. 

 
Figure 4. LOPA 

Figure by NREL, adapted from Markowski and Kotynia (2011) 

LOPA is a strong methodology for several reasons. First, it can use semi-quantitative or even qualitative 
data (often taken from front-line personnel) to provide feedback on the weakest component of the 
system. Second, LOPA can be used across different hazards and threats (e.g., floods, hurricanes, winter 
storms) to identify a single CCF—perhaps a power outage for a hospital—such that if the single CCF 
can be mitigated through backup diesel generators, as an example, the worst consequences of the event 
might never be realized. In the case of a hospital, LOPA can be used to quantify the value of keeping a 
critical load subset (such as life support systems) running during various disruptive events. More 
recently, researchers have begun applying LOPA to cyber-physical systems like the electricity grid. 
Tantawy, Abdelwahed, and Erradi (2022) propose a new safety design method called “cyber layer of 
protection analysis” that extends the LOPA framework to include failures caused by cyberattacks. In 
cyber-LOPA, there is an additional security resilience requirement for the safety instrumented system 
under consideration: an upper bound on the probability of a successful cyberattack. 
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2.2.4 PRA 
PRA is an extension of the “risk equals probability multiplied by consequence” framework. The PRA is 
a well-established risk assessment methodology commonly used in the aerospace and nuclear industries 
(Stamatelatos and Dezfuli 2011; Fullwood and Hall 1988). It is also very well aligned with the 
performance-based resilience metrics discussed earlier. To perform PRA, an event tree is constructed, as 
shown in Figure 5. The initiating event and compounding events are all given a probability, often based 
on component failure rates, such as a pump failing to start or valve failing to open. The probability of 
arriving at the jth end state is the intersection of initiating and compounding events. 

𝑃𝑃𝑒𝑒𝑒𝑒−𝑗𝑗 = 𝑃𝑃𝑖𝑖𝑖𝑖 ∩ 𝑃𝑃𝑎𝑎 ∩ 𝑃𝑃𝑏𝑏 

 
Figure 5. Framing the PRA 

Figure by NREL, adapted from Stamatelatos and Dezfuli (2011); Fullwood and Hall (1988) 

Using the PRA methodology provides an estimate of the overall risk to a system based on engineered 
safety features for all designed scenarios. The advantage of PRA is that the change to the failure rate of an 
individual component can help update the overall change in risk to the system. For example, if a single 
pump is a critical component in preventing a building from flooding, the risk reduction of adding a 
redundant pump can be calculated based on the probability of each pump failing to start simultaneously.  

The disadvantage of PRA is its need for highly characterized components, which makes it commonly 
suited only for engineered safety systems. The failure rates of valves and pumps can be easily 
quantified, while the failure rates of more dynamic systems (like social systems) are more complex. It 
can also be difficult to quantify the probability of a disruptive event. To apply PRA to resilience events, 
we need a meaningful probability that X component will, for example, be in the path of a hurricane. 
Historical data can help provide a starting point for estimating this probability, but such data are 
typically insufficient on their own for generating a meaningful number. 

2.2.5 Flaws in Traditional Techniques 
A variety of industries have used the above methodologies to analyze resilience, risk, and mitigation 
approaches. Before describing how to use these analysis tools for increasing resilience and reliability, it 
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is important to detail their flaws. Three shortcomings are relevant for NYSERDA and are part of the 
analysis frameworks presented here.  

1. Most analysis methods only account for single failure modes and exclude cascading failures. 
2. Most analysis methods employ static probabilities, as they relate to system performance and do 

not dynamically update assumptions based on changing conditions. 
3. Most analysis methods do a poor job of capturing irrational human behavior and connecting 

human behavior to engineered systems and environments. 
These shortcomings can be addressed, and examples of this are already starting to appear in the 
literature. For example, as illustrated by the work of Dobson (2012), systems analysis is increasingly 
incorporating dynamic or cascading failures into coupled energy, water, and communications networks. 
PRA is also being updated to include dynamic probabilities that change as the system evolves. These 
dynamic probability updates can include situations where the failure of a subsequent event changes 
based on the failure mode of the preceding event. Dynamic probabilities can also include new events 
that only occur after a failure. For example, the reconfiguration of power flows in the electricity grid 
following a disruptive event can increase the temperatures of overhead lines, underground cables, and 
transformers—potentially leading to cascading thermal failures and even blackouts (Henneaux, Labeau, 
and Maub 2013). Finally, many LOPA methods are incorporating more data from on-the-ground experts 
who have worked or lived through an event and can provide personal knowledge of how systems failed 
(Parhizkar et al. 2021; Riddle et al. 2021). As stakeholders examine these and other analysis approaches 
for resilience, personnel must think through similar solutions for addressing inherent flaws.  
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3 Part II: Valuing Resilience 
3.1 Monetization  
Monetization is a major component of resilience valuation. From an investment perspective, the value of 
resilience is the present value of either: (1) avoided costs from disruptive events over the investment’s 
lifetime; or (2) the avoided cost of alternative investments (like diesel generators or an alternative 
system, such as a photovoltaic-battery system). To accurately measure resilience, we must be able to 
measure the reduction in risk between old and new systems (i.e., before and after completion of 
enhancements that improve resilience). An inability to determine a dollar value for resilience makes it 
difficult for utility owners and operators to illustrate attractive payback periods to end users. A key 
challenge in New York State, for example, is in compensating microgrids for the resilience value they 
offer the electrical grid and provide to customers (Cook et al. 2018). 

Like resilience metrics, the exact choice of monetization method will vary by specific circumstance. 
How we value resilience depends on the type of resilience investment that system planners intend to 
implement. Types of resilience investments range from system hardening measures to strategies aimed 
at improving recovery time and processes (Zamuda et al. 2019). We focus below on the following 
resilience investments and their valuation potential: system hardening and backup power systems, 
demand response and flexibility measures, energy efficiency investments, and risk management 
strategies. We then provide an example of how to conduct a cost-benefit analysis for potential resilience 
enhancement strategies using PRA, before closing with a discussion of valuation methods for 
consequence-focused and social metrics. 

3.1.1 System Hardening and Backup Power Systems 
System hardening and backup power systems are some of the most traditional resilience investments. 
Line hardening is often one of the most effective methods for improving power system resilience at a 
relatively low cost (Wang et al. 2017). Research has shown that 90% of power outages originate in the 
distribution system, so hardening is an integral first step in helping create distribution systems with 
resilient and reliable loads (Bie et al. 2017). Grid hardening on transmission and distribution systems is 
key to reducing the most consequential outages. Hardening system components can include pole, wire, 
transformer, circuit, feeder, and substation upgrades or replacements (Kallay et al. 2021). 

Backup power systems are a fundamental resilience investment from the customer side, and so resilience 
valuation methods to date have often focused on backup systems. Backup generation resilience 
investments could include diesel and natural gas generators, fuel cells, or renewable energy paired with 
storage that provides a secondary or alternate source of power during a resilience event (Kallay et al. 
2021). The literature points to emerging black-start technologies, like collective black start, that can help 
achieve greater system resilience. Collective black start implies a combination of smaller storage units 
rather than one fully rated storage unit (Jain et al. 2020). One challenge for resilience valuation will be 
diversifying away from an overemphasis on backup power while also adequately monetizing emerging 
backup technologies like collective black start. 

3.1.2 Demand Response and Flexibility 
Although less studied to date, the literature also points to how demand response and flexibility programs 
can strengthen power system resilience, including within buildings by way of grid-interactive efficient 
buildings (Neukomm et al. 2022). Demand response methods are an efficient tool for dealing with the 
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uncertainty of distributed generation and improving overall system resilience (Kahnamouei, Shakeri, and 
Lotfifard 2021; Khalili, Bidram, and Reno 2020). Demand response programs can help reduce 
maintenance costs at critical lines and maximize the use of available generation and distribution resources 
(Rahgozar et al. 2022; Kopsidas and Abogaleela 2018; Mousavizadeh, Haghifam, and Shariatkhah 2018). 
On the distribution side, leveraging distributed energy resources and microgrids as active system assets 
rather than boundary conditions can enable greater system flexibility to address all hazards (Schneider et 
al. 2021). Greater flexibility on the demand side results in a faster adaptation to climate variations and 
return to normal conditions, thus indicating greater climate resilience (Nik and Moazami 2021).  

3.1.3 Energy Efficiency 
We see some literature characterizing resilience and energy efficiency as fundamentally conflicting 
objectives. For example, Zhou (2022) emphasizes that considering energy resilience and energy 
efficiency together often requires trade-off solutions between enhancing one and decreasing the other. A 
helpful explanation of this comes from optical networks research, in which (like power systems) energy 
efficiency prioritizes power minimization and resilience prioritizes the maximization of available 
resources (Ye et al. 2015). A case study from the buildings sector on trade-offs between energy 
efficiency and passive survivability found that—although all energy-saving strategies led to better 
passive survivability in old buildings—there were differences in the relative performance ranking of 
strategies for energy and resilience objectives (Baniassadi and Sailor 2018). 

Energy efficiency measures, however, can also have important resilience benefits—it is not always a 
zero-sum choice between the two. A more recent buildings study from the DOE (2022) found that 
improving envelope efficiency in residential buildings nearly always saves lives during extreme 
temperature events. More specifically, increasing envelope efficiency to meet code requirements in 
existing single-family buildings extended habitability by as much as 50% during extreme cold and by up 
to 40% during extreme heat. It is important to note that energy efficiency measures do not automatically 
result in resilience benefits. Stakeholders can achieve co-benefits only by taking advantage of specific 
efficiency benefits while simultaneously focusing on resilience.  

Ribeiro et al. (2015) find energy efficiency to have positive resilience implications across a suite of 
technologies beyond buildings, ranging from combined heat and power to microgrids. For example, 
combined heat and power is an energy efficiency measure in that it recovers heat wasted in conventional 
power generation as useful fuel; combined heat and power has resilience implications in that it can serve 
power and thermal needs when the grid is down, as well as reduce overall net emissions and potentially 
increase cost savings. The authors also provide a case study detailing how the Little Ferry Water 
Pollution Control Facility in Little Ferry, NJ, was able to use backup generators and a biogas-powered 
combined heat and power system to continue processing sewage in October 2012 during outages from 
Hurricane Sandy. 

Aside from these immediate technical resilience advantages, Ribeiro et al. (2015) argue energy 
efficiency could also result in higher-level resilience benefits for communities. Community-level 
resilience benefits from energy efficiency measures include: (1) better response to and recovery from 
disruptive events; (2) reduced vulnerability to energy price volatility; and (3) reduced greenhouse gas 
emissions from the power sector. For example, regarding response and recovery, energy efficiency 
measures can help reduce electricity demand and thus facilitate increased resilience and reliability 
during times of stress on the power system. One key challenge for resilience valuation moving forward 
will be in developing metrics for these types of community-level resilience advantages. 
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3.1.4 Risk Management and Resilient Operations 
Resilience is as much a characteristic of processes as infrastructure, so strategy and operations are 
essential topics for further valuation research. A short-term, process-oriented resilience investment 
might be resilience-oriented scheduling (such as prepositioning line workers in strategic locations to 
provide rapid response), while a longer-term plan could incorporate fundamental corrections like 
hardening and equipment upgrades (Younesi et al. 2022). Other types of planning could include facility 
management planning, community emergency preparedness, and cyber and physical system response, 
restoration, and recovery planning (Kallay et al. 2021). Differentiating vulnerability from functional 
resilience (i.e., service delivered when components fail) could also help identify current gaps in 
resilience monetization and provide greater clarity to the roles of risk management and service delivery 
in overall system resilience (Schweikert and Deinert 2021). Training, workforce development, and 
diversity in workforce can all contribute to more resilient operations as well. Training could include 
classroom instruction for key staff and practice drills on threat response (Kallay et al. 2021). 

3.2 Cost-Benefit Analysis 
The value of resilience is an integral component for any cost-benefit analysis of resilience upgrades. 
Cost-benefit analysis is a systematic approach for assessing investments that allows consistent 
comparisons across different investment types. Demonstrating cost-effectiveness through cost-benefit 
analysis is often required to receive government funding (such as FEMA hazard mitigation assistance 
grants, where a “benefit-cost analysis” is utilized). The application of cost-benefit analysis to 
investments in grid resilience is still in its early stages. Although we increasingly see resilience cited in 
connection with grid investment proposals and plans, typically the resilience-related costs and benefits 
of these investments are not fully identified, quantified, or monetized. To apply cost-benefit analysis 
more accurately to resilience investments, we need to include considerations such as the probability of 
event occurrence, temporal and locational variability, and interactive effects (Kallay et al. 2021).  

One issue we see currently with cost-benefit analysis for grid resilience investments is the inclusion of 
all relevant costs, but not all potential benefits (Kallay et al. 2021). Cost-benefit analyses can incorporate 
any number of benefit categories. Some of the most common for the power sector are: (1) avoided utility 
costs; (2) avoided customer interruption costs; and (3) non-interruption-related societal benefits. 
Examples of avoided utility costs could include avoided legal liabilities and vegetation management 
costs. Examples of avoided customer interruption costs could be the avoided costs of both short-duration 
and long-duration interruptions. Lastly, examples of societal benefits could include sustained access to 
critical services, avoided emissions, and broader ecosystem benefits (Zamuda et al. 2019). The societal 
benefits category, with its necessarily indirect measurements, points to the need for methods to better 
calculate the total economic valuation of resilience (Ayyub 2014).  

Kallay et al. (2021) provide eight principles to improve the application of cost-benefit analysis for grid 
resilience investments. These principles are:  

1. Treat utility resources consistently to avoid bias  
2. Align with jurisdiction-specific policy goals 
3. Ensure symmetrical treatment of benefits and costs associated with a resource 
4. Account for relevant impacts (including those that are difficult to quantify or monetize) 
5. Conduct forward-looking, long-term, and incremental analyses  
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6. Avoid double-counting impacts  
7. Ensure transparency in assumptions, methodologies, and results 
8. Conduct cost-benefit analyses separately from rate and bill impact analyses.  

Developing and establishing performance metrics for resilience (as discussed in Part I) can help enable 
the quantification of resilience benefits (Kallay et al. 2021). We will now discuss one potential 
framework for PRA based on a cost-benefit analysis. 

3.2.1 PRA for Resilience Valuation 
Using the National Academies of Sciences, Engineering, and Medicine framework for PRA, the costs of 
disruptive events stem from three questions: (1) What disruptive events can occur? (2) How likely are 
they to occur? and (3) What are the associated costs? (NASEM 2017). The first question considers the 
underlying hazards that determine which disruptive scenarios to model. The second question considers 
occurrence frequencies for a given scenario. The third question has two performance-based components: 
the impact of a given scenario measured using an infrastructure-focused metric, and the consequence of 
a given scenario measured using a consequence-focused metric (Willis and Loa 2015). NREL folds this 
PRA process into its resilience assessment methodology to help standardize the assessment process 
across a diverse set of resilience stakeholders (Anderson et al. 2019). 

There are five steps to determining the cost of disruptive events and, in turn, the value of resilience, 
which are similar to the NREL resilience methodology: 

1. Identify hazards 
2. Determine relevant scenarios 
3. Determine occurrence frequency of each scenario 
4. Calculate the impact of each scenario 
5. Quantify the consequence of impacts.  

Step 1: Identify Hazards 
Hazards, which are also referred to as threats, are defined by NYC Emergency Management (2019) as “a 
source of potential danger or an adverse condition that could harm people, our socioeconomic systems, 
or our built and natural environments.” Hazards are anything that can damage, destroy, or disrupt the 
energy system and can be natural, technological, or caused by human activity (Anderson et al. 2019). 
The seven most relevant natural hazards for New York City are (NYC Emergency Management 2019): 

• Coastal erosion 
• Coastal storms 
• Earthquakes 
• Extreme heat 
• Flooding 
• High winds 
• Winter weather. 

Hazard identification is necessarily location-specific. Before beginning, it can be helpful for utilities and 
regulators to develop spatial segmentation of their service areas. One way to do so is to categorize 
existing geographic segments as having a high, medium, or low level of expected consequence 
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(Broderick et al. 2021). Once a specific location has been established for the analysis, policymakers 
should also identify key characteristics such as infrastructure types and locations, system topology, and 
critical mission and community functions. Examples of critical mission functions could include 
communications, cybersecurity, and logistics; examples of critical community functions could include 
emergency logistics, evacuation, and medical services (Jeffers et al. 2020).  

There are several publicly available sources of hazard or threat data to help guide policymakers. 
FEMA,4 the U.S. Geological Survey,5 and the National Oceanic and Atmospheric Administration6 all 
provide open-source data for the United States. For natural hazards, the U.S. Department of Homeland 
Security’s Hazus tool could offer a useful starting point.7 Hazus provides a standardized methodology 
for estimating potential losses from earthquakes, floods, hurricanes, and tsunamis (Jeffers et al. 2020). 

Step 2: Determine Relevant Scenarios 
A scenario consists of the timing, duration, size, and intensity of a relevant or likely hazard. Examples of 
scenarios include a Category 4 hurricane, a severe flood event, and a 2-day power outage. 
Considerations for timing and duration could include a hurricane that hits highly populated areas as 
opposed to more sparsely populated ones, or if the hurricane is fast-moving or stalls above a localized 
area. A site should select hazard scenarios based on which hazards are most impactful and likely to 
occur, as well as which hazards the proposed resilience investment is intended to mitigate. The number 
of scenarios to model depends on trade-offs between the work required to analyze each scenario and the 
knowledge gained from such analysis.  

Step 3: Determine Occurrence Frequency of Each Scenario 
Frequency is the annual likelihood that a given scenario will occur. For instance, a one in one-hundred-
year event would have a frequency of 0.01. In general, more intense scenarios have a lower frequency of 
occurrence. We can ascertain frequencies from historical likelihoods or from simulations, although some 
hazards (like cyberattacks on the grid) do not have historical records and are less well-suited to 
frequency estimation via simulation. Determining the frequency of occurrence is a key challenge for 
resilience valuation—particularly for low-frequency events that are difficult to model. An additional 
challenge in using historical likelihoods is that these can no longer adequately inform what will occur in 
future, given the rapidly intensifying effects of climate change. It is no longer sufficient to rely on past 
data to predict future scenarios.  

Step 4: Calculate the Infrastructure Performance Impacts of Each Scenario 
Infrastructure performance impacts are the physical damages that occur following a disruptive event. 
Examples of impacts include the number of homes damaged in a storm, the indoor temperature during a 
heatwave, or the number of customers without power during a blackout. A site can determine impacts 
from geospatial information (e.g., the number of customers in a flood zone), engineering tolerances 
(e.g., the expected damage to a home from hurricane-force winds), and simulations (e.g., indoor 
temperatures during a heatwave) (FEMA 2021b). Outputs from this step could include the hazard 

 
4 https://www.fema.gov/flood-maps.  
5 https://www.usgs.gov/programs/earthquake-hazards/seismic-hazard-model-maps-and-site-specific-data.  
6 https://www.nhc.noaa.gov/nationalsurge/.  
7 https://www.fema.gov/flood-maps/products-tools/hazus.  

https://www.fema.gov/flood-maps
https://www.usgs.gov/programs/earthquake-hazards/seismic-hazard-model-maps-and-site-specific-data
https://www.nhc.noaa.gov/nationalsurge/
https://www.fema.gov/flood-maps/products-tools/hazus
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magnitude for each threat and location (as either a probability density function or a fixed probability), as 
well as failure modes and probabilities of failure for specific infrastructure assets (Jeffers et al. 2020). 

Step 5: Quantify the Consequence of Impacts 
Consequences are the final damages that occur due to an event. Consequences extend performance-
based metrics (measured in physical units such as MWh) to focus on event impacts more broadly, 
including social and economy-wide consequences (generally measured in health-related units like 
mortality or economic units like dollars) (Jeffers et al. 2020). There are several approaches to 
quantifying consequences, which we can broadly categorize as bottom-up versus economy-wide and 
which vary in terms of granularity versus simplicity. We delve further into current methodologies for 
valuing consequences—including social consequences—in the next section. 

Dollars are the most common unit of measurement for consequence-focused metrics because it is 
relatively straightforward to assign dollar values to impacts like building damages. However, it is more 
difficult to assign a dollar value to impacts like increased health risks. An ability to measure resilience 
benefits in dollars is essential because investment costs are also measured in dollars—monetizing 
resilience thus facilitates cost-benefit analysis. Because the impacts of disruptive events are site-specific, 
industry-specific, and often business-specific, there is no single consequence-focused metric applicable 
to all circumstances. Instead, just like with resilience metrics overall, it is important to adopt a 
multilayered approach.  

3.3 Consequence Valuation 
As discussed in Part I, consequence-focused metrics extend performance-based metrics to capture the 
societal impacts of disruptive events. There are several methods for consequence valuation via 
consequence-focused metrics. The simplest and most common consequence-focused metric is a fixed 
value per impact. Power outage studies often use a fixed VoLL, measured in dollars per MWh of lost 
load. For example, FEMA calculates a VoLL for hospitals based on the average cost of transporting and 
treating patients at the nearest hospital. Using this VoLL in combination with assumptions on outage 
probabilities,8 FEMA has estimated the benefits of generator hazard mitigation projects in hospitals at 
$6.95 per building gross square foot in urban areas and at $12.62 per building gross square foot in rural 
areas. Other examples of fixed-value consequence-focused metrics include the average cost of repairs 
per building from hazards like frozen pipes or flooding and the cost per person per day for displaced 
populations.  

Unlike the static VoLL metric, customer damage functions (CDFs) demonstrate how the magnitude of 
customer economic losses (per kilowatt interrupted) changes over an outage period. This is an important 
first step in considering how a duration-dependent value of resilience can influence investment and 
operations decisions. With support from the DOE’s Federal Energy Management Program, NREL has 
developed the Customer Damage Function Calculator9 to help facility owners and resilience planners 
understand the costs of an electric grid outage at their site (NREL 2023). 

 
8 These calculations assume a 5-year recurrence interval for 1-day outages and 50-year recurrence intervals for 4-day outages. 
These values seem to be based simply on guesses of outage frequency, underscoring the difficulty of finding outage duration 
data. 
9 https://cdfc.nrel.gov/ 



27 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

As mentioned previously, there are two main approaches for valuing consequences: bottom-up and 
economy-wide. Bottom-up approaches use aggregations of estimated specific outage impacts to 
determine the combined impact of a disruptive event. For bottom-up approaches, we often see the 
DOE’s Interruption Cost Estimate calculator,10 customer surveys, or CDFs used. Economy-wide 
approaches use economic models such as input-output models or computational general equilibrium to 
estimate the impact of large-scale events on economic activity. Examples of economy-wide models for 
power outage costs include IMPLAN11 and REAcct.12  

Consequence-focused metrics can also incorporate customer-specific attributes and nonlinearities in the 
cost of impacts. Although these additions are often more complicated to calculate, they provide useful 
information. Consequences can increase nonlinearly with impact size, impact area, and impact duration. 
This means it is most crucial to account for nonlinearities in cost with events that are widespread, high-
impact, and extended duration. Consequences can be nonlinear in impact size due to damage thresholds, 
like replacing an entire roof once more than 5% of the roof sustains damage (FEMA 2021c). 
Consequences can be nonlinear in impact area due to interactions between individual impacts—like 
widespread disruptions leading to traffic jams, supply disruptions, or constraints on recovery resources. 
Finally, consequences can be nonlinear in impact duration due to damage thresholds (e.g., food spoilage, 
negative health impacts, or inability to go to work) that lead to increasing consequences over time or to 
mitigation strategies (e.g., backup generators) that reduce consequences over time. Two of the most 
important types of consequences for power sector resilience are customer interruption costs and social 
consequences. 

3.3.1 Customer Interruption Costs 
Power outages are typical in the aftermath of a disruptive event, and can interfere with infrastructure that 
serves essential operations and lead to economic consequences. The costs that power interruptions 
impose on both customers and society have become key pieces of the resilience puzzle. While the direct 
costs of localized and short-duration power interruptions are relatively well understood, we still know 
little about the full impact of widespread and long-duration power outages—especially in terms of 
indirect costs and economy-wide impacts. As a result, utility planning activities are often unable to 
consider the costs of these widespread and long-duration interruptions (Baik et al. 2021). 

There are myriad potential electricity-related costs following a disruptive event. The literature identifies 
five main categories of these costs (Zamuda et al. 2019; Meyer et al. 2013; Baik et al. 2021):  

1. The cost of damage to utilities’ physical infrastructure 
2. The cost of interruptions to electricity customers, including lost production 
3. Indirect costs to local or regional economies 
4. Intangible costs that can be monetized, including health risks, environmental damage, and legal 

liabilities 
5. The costs of risk reduction and resilience enhancement investments. 

 
10 https://icecalculator.com.  
11 https://implan.com.  
12 Vargas, Vanessa N., and Mark A. Ehlen. 2013. “REAcct: a scenario analysis tool for rapidly estimating economic impacts 
of major natural and man-made hazards.” Environment Systems & Decisions 33: 76-88. https://doi.org/10.1007/s10669-012-
9430-5. 

https://icecalculator.com/
https://implan.com/
https://doi.org/10.1007/s10669-012-9430-5
https://doi.org/10.1007/s10669-012-9430-5
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Figure 6 depicts the components associated with direct customer power interruption cost assessments, 
overall power interruption cost assessments, and damage assessments for power disruptions. The costs 
of power interruptions for electricity customers (the light green box in Figure 6) include the costs 
brought about either directly or indirectly by power disruptions. 

 

Figure 6. Diagram of natural hazards and power interruption cost components 

Figure by NREL, adapted from Baik et al. (2021) 

Interruption costs stem from both the actual outage and how it affects users, and these costs are often a 
function of how long the outage lasts. Calculating interruption costs incorporates the CDF framework. 
The actual damage caused by an interruption can vary depending on the classes of customers whose 
power is cut off, the length of time the power is out, the circumstances in which the interruption takes 
place (like the day of the week, the time of day, the customer’s activity at the time of interruption), and 
whether the event was forecasted (which determines if the customer could prepare for the outage ahead 
of time). When calculating customer interruption costs, it can be helpful for utilities and regulators to 
identify one or more classes of “critical customers” that provide critical community services. Examples 
of critical customers could include hospitals, urgent care facilities, community cooling centers, water 
and sewer treatment and pumping facilities, vehicle fueling stations, or grocery stores (Broderick et al. 
2021).  

Current methods for estimating customer interruption costs include customer surveys (the bottom-up 
approach), regional economic modeling approaches (the economy-wide approach), and hybrid 
approaches that combine the two. Customer interruption cost surveys are the most common method 
because they can estimate direct costs for a variety of power interruption scenarios, but regional 
economic modeling can complement traditional survey methods in the estimation of indirect costs of 
disruptions (Baik et al. 2021; Sanstad 2016). Baik et al. (2021) describe the development of a Power 
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Outage Economics Tool that uses survey-based information to calibrate a regional economic model. 
Including more accurate estimates of customer interruption costs will enhance the effectiveness of utility 
planning decisions, especially vis-à-vis grid-hardening strategies and other capital-intensive resilience 
investments (Baik et al. 2021). 

Further research is needed to help capture the broader social costs of disruptive events, as well as the 
impacts of power interruptions on interdependent critical infrastructures. Broader social costs might 
include injuries and deaths, especially in more vulnerable segments of the population (Baik et al. 2021). 
The nature of the disruptive event, the infrastructure network under consideration, and the relative 
vulnerability of those served by this infrastructure are inseparable dimensions when considering direct 
impacts on human suffering during a power outage. The reality that the effects of power loss on human 
suffering are spatially diverse speaks to the need to incorporate social vulnerability and equity metrics in 
resilience valuation methods (Boyle et al. 2022). 

3.3.2 Social Consequences 
Although power outages ostensibly affect everyone, they do not affect everyone equally—so there is 
necessarily an equity dimension to power sector resilience. There are also both monetary and 
nonmonetary costs associated with power outages for residential customers (Ericson and Lisell 2020). 
Power outages have been linked to a variety of negative outcomes for people’s health, including carbon 
monoxide poisoning, hospitalization for conditions like heart disease or kidney disease, illnesses like 
gastroenteritis, and other temperature-related conditions up to and including death (Casey et al. 2020).  

Outages often disproportionately affect those whose access to electricity is so critical that any 
interruption can be fatal or cause permanent damage. For example, there is an increasing prevalence of 
diabetes in Puerto Rico, and many residents there depend on electricity-powered dialysis machines—but 
when Hurricane Maria struck in 2017, it left virtually all residents without normal levels of power for 10 
months. Winter storms in Texas in 2021 resulted in a severe power outage that left 200 dead over a 2-
week period due to carbon monoxide poisoning, extreme cold, and the aggravation of preexisting 
conditions (Ankit et al. 2022; Dugan, Byles, and Mohagheghi 2023). Many of the victims were either 
already medically vulnerable or relied on electricity-dependent equipment like oxygen concentrators 
(Dugan, Byles, and Mohagheghi 2023).  

Research has also shown the Texas winter storm and its associated blackouts were especially hard on 
low-income families and communities of color. Overburdened and underserved communities are more 
vulnerable in part because they have fewer resources to prepare for and cope with extreme weather and 
climate events. In the case of the Texas storm, for example, communities of color had already been 
disproportionately affected by the COVID-19 pandemic in terms of disease burden and unemployment 
rates (Busby et al. 2021).  

Vulnerable communities could also include the poor, elderly, language-isolated, and recent immigrants 
(USGCRP 2018). Dugan, Byles, and Mohagheghi (2023) find that various socioeconomic and 
demographic characteristics contribute to different levels of health risk, outage preparedness, and 
willingness and means to evacuate if necessary during a long-duration power outage. For example, being 
above 65 or under 5 contributes to increased health vulnerability, speaking limited English contributes to 
increased outage preparedness vulnerability, and identifying as a female adult contributes to increased 
evacuation vulnerability. The authors argue these relationships highlight the need to proactively identify 
socially vulnerable groups and communities to provide targeted information, assistance, and resources 
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during disruptive events. Broderick et al. (2021) recommend utilities and regulators consider identifying 
a specific customer class that includes vulnerable residential customers who require additional 
individual attention due to higher health risks or lower mobility. 

The literature includes a wide range of other potential social vulnerability indicators. Zuzak et al. (2023) 
use the Centers for Disease Control and Prevention’s Social Vulnerability Index13 for FEMA’s National 
Risk Index, while Dugan, Byles, and Mohagheghi (2023) group vulnerability into the three dimensions 
of health, preparedness, and evacuation discussed above. Households at or below 200% of the federal 
poverty level, Black and Hispanic households, and rural households tend to struggle most with everyday 
energy insecurity and longer power outages (Memmott et al. 2021; Mitsova et al. 2018). Other 
socioeconomic variables that could indicate vulnerability to power outages include: (1) belonging to a 
minority group; (2) possessing a sensory, physical, or mental disability; or 3) being unemployed. Further 
research is also needed to deepen our understanding of how power restoration after disruptive events 
contributes to and is impacted by the socioeconomic vulnerabilities of communities (Mitsova et al. 
2018). 

Social burden is another equity-focused metric that can complement social vulnerability. According to 
Clark et al. (2022), social burden attempts to capture the consequences of infrastructure service 
disruptions on households. Theoretically informed by the Capabilities Approach theory of human 
development (which emphasizes outcome-based understandings of what people can do and be), social 
burden quantifies the burden of post-event adaptations households take to maintain their basic 
capabilities (e.g., ability to access food and water) and fulfill important household activities (e.g., 
maintain health and well-being). It does so by measuring social burden as the total hours spent fulfilling 
needs, calculated by dividing the relative need of a population group to achieve a capability type by the 
accessibility of the population group to that capability type. The authors argue that by taking this 
human-centric approach to consequence valuation, we can more objectively and accurately quantify the 
consequences of disruptive events. 

Social vulnerability and social burden metrics can—and should—help inform resilience investments. 
For example, Jeffers et al. (2018) conducted an equity-informed microgrid siting analysis for Puerto 
Rico following Hurricane Maria in 2017. The authors based their analysis on a social burden metric that 
quantified the difficulty community members faced in accessing necessary services in the event of a 
major disruption. By using this social burden metric, planners could gain quantitative insight into how 
grid improvements impact the community, especially those residents with fewer means to access 
services in general. The analysis results provide microgrid siting recommendations explicitly designed 
to improve a community-focused, risk-informed resilience metric.  

The indirect and intangible costs associated with power outages also make relevant the concepts of 
social community and disaster resilience. The concept of resilience applies to a broad spectrum of 
system types—including both electric grids and social systems like communities. It is even more 
difficult to apply monetization methods in the realms of social and community resilience, given the 
complexity at play in the varied and nuanced interconnections among people, places, and things. 

Social and community resilience are subsets of resilience that warrant further attention for measurement 
and valuation purposes, especially in relation to the power sector. Achieving resilience at the community 

 
13 https://www.atsdr.cdc.gov/placeandhealth/svi/index.html.  

https://www.atsdr.cdc.gov/placeandhealth/svi/index.html
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level can lead to massive savings through risk reduction and speedy recovery (Bie et al. 2017). Social 
resilience is “the ability of groups or communities to cope with external stresses and disturbances as a 
result of social, political and environmental change” (Adger 2000). It incorporates capacities like social 
capital, community functions, connectivity, and planning—as well as the capacity to cope, adapt, and 
transform (Cutter 2016; Keck and Sakdapolrak 2013).  

Community resilience can be defined as “the capacity of a community or region to prepare for, respond 
to, and recover from large multi-hazard threats with little impact on public safety and health, the 
economy, and national security” (Wilbanks 2007). It can include attributes such as resistance, recovery, 
and creativity (Maguire and Hagan 2007). Johansen, Horney, and Tien (2017) find that many of the 
existing metrics for community resilience (like Arup and the Rockefeller Foundation’s City Resilience 
Index,14 the U.N. Disaster Resilience Scorecard for Cities,15 and the U.S. Resiliency Council Building 
Performance Ratings16) are limited to providing general assessment frameworks for communities. The 
authors conclude that social and community-level resilience metrics should provide place-based 
methodologies for communities to assess their preparedness for various types of disruptive events, and 
that there should be a focus on creating metrics with explicit or quantitative outcomes. Like resilience 
writ large, a combination of metrics will be helpful in adequately capturing social and community 
resilience to widespread and long-duration power outages moving forward. 

Disaster resilience is a related concept that encompasses the social, economic, institutional, 
infrastructural, community-based, and environmental dimensions of resilience (Burton 2015). Disaster 
resilience considers the impact of equitable restoration activities on interdependent infrastructure 
networks, and it combines both social equity and social vulnerability concepts with measures related to 
critical interdependent infrastructure network restoration scheduling (Karakoc et al. 2020). Disaster 
resilience is an important concept for the power sector because, as mentioned above, we need to better 
understand how post-event power restoration both contributes to and is affected by issues of social 
equity and vulnerability (Mitsova et al. 2018). Improved indicators of social, community, and disaster 
resilience are a priority area for future metrics research, from both an attribute-based and performance-
based standpoint (Maguire and Hagan 2007). 

 
14 https://www.cityresilienceindex.org.  
15 https://www.undrr.org/publication/disaster-resilience-scorecard-cities.  
16 https://www.usrc.org/usrc-rating-system/.  

https://www.cityresilienceindex.org/
https://www.undrr.org/publication/disaster-resilience-scorecard-cities
https://www.usrc.org/usrc-rating-system/
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4 Conclusion 
The research landscape in electric power sector resilience measurement and valuation is rapidly 
expanding. The resilience measurement field appears slightly more robust than the resilience valuation 
field, although the two are closely interrelated. This could in part be due to the development and 
evolution of increasingly robust metrics and methodologies for analyzing both resilience and risk 
mitigation strategies. In general, we need to start applying the available metrics and methodologies, 
validating them, and demonstrating their use for utilities, regulators, and policymakers.  

There are some areas of divergence in the literature, especially on the subject of resilience metrics. 
Although there is general consensus on attribute-based and performance-based metrics, consequence-
focused metrics were less well-developed and sometimes had different emphases. The categories of risk-
based and scenario-based metrics also warrant further study. The names of the different resilience 
metrics categories, however, are less important than their content. Authors largely agreed on a 
multilayered and context-specific approach toward resilience metrics, as well as the need to better 
expose and handle the inevitable uncertainty in PRA and other current resilience valuation 
methodologies. 

The subjects of consequence-focused metrics, customer interruption costs, and social consequences 
point to several opportunities for future research, including in the important areas of social vulnerability 
and equity-based resilience metrics. The indirect economic and health-related costs of power outages on 
customers with different socioeconomic and demographic characteristics involve the important concepts 
of social and community resilience. It is more difficult to monetize these types of resilience than it is 
physical infrastructure resilience, but social systems are even more in need of resilience than engineered 
systems like our electricity grid. One especially important avenue for future power sector research in this 
regard will be how to design and expand resilience improvement projects that support more equitable 
systems—including during the planning process for power restoration after disruptive events, which 
must take into account both equity concerns and interdependencies among critical infrastructure 
networks (Cicilio et al. 2021; Mitsova et al. 2018). 

Other future research themes that emerged from the literature review include:  

1. Greater focus on how human activities tie into both disruptive events and the response to those 
events (i.e., how human behaviors can increase or decrease a system’s risk, vulnerability, or 
ability to withstand acute shocks)  

2. Better understanding the linkages between resilience and energy efficiency and how the two 
objectives can support one another  

3. How to methodologically keep up with the pace of climate change and associated rapid shifts in 
disruptive event likelihoods.  

As Roege et al. (2014) point out, the human element of resilience also includes the need for technical 
experts to supplement data where it is impossible to obtain physical measurements. The human element 
of resilience acknowledges both the positive and negative ways in which people can impact the ability of 
a system to prepare for and respond to disruptive events. 

There is also the need for critical assessment of the power sector’s current methods for resilience 
measurement and valuation. This includes thinking through how we account for cost-benefit ratios when 
determining the value of resilience investments and understanding the drawbacks of how we measure 
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and value operationally avoided losses or damages. We need to understand what types of consequences 
are appropriate for ratepayers to buy down (through state Public Utility Commission and utility planning 
processes) and what types of consequences are more appropriate for a tax base to buy down. Within that, 
we need to better understand the roles of federal, state, and local governments in helping make these 
determinations. Another direction for future resilience valuation research could be in better quantifying 
the insurance value of resilience (Li et al. 2018). We also require new methods for calculating the 
broader economic valuation of resilience, including both the indirect costs and economy-wide impacts of 
widespread and long-duration power outages (Ayyub 2014, Baik et al. 2021). Although the power sector 
has made great strides toward more accurate and meaningful measurement and valuation in recent years, 
we still have a way to go in putting the right price on resilience.   



34 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Appendix A: References 
Adger, W. Neil. 2000. “Social and Ecological Resilience: Are They Related?” Progress in Human 
Geography 24 (3): 347–364. http://dx.doi.org/10.1191/030913200701540465. 

Anderson, Kate, Nick DiOrio, Dylan Cutler, Bob Butt, and Allison Richards. 2017. “Increasing 
Resiliency Through Renewable Energy Microgrids.” Journal of Energy Management 2 (2). 
https://www.nrel.gov/docs/fy17osti/69034.pdf. 

Anderson, Kate, Eliza Hotchkiss, and Caitlin Murphy. 2019. “Valuing Resilience in Electricity 
Systems.” Golden, CO: National Renewable Energy Laboratory. NREL/FS-7A40-74673. 
https://www.nrel.gov/docs/fy19osti/74673.pdf.  

Anderson, Kate, Eliza Hotchkiss, Lisa Myers, and Sherry Stout. 2019. Energy Resilience Assessment 
Methodology. Golden, CO: National Renewable Energy Laboratory. NREL/TP-7A40-74983. 
https://www.nrel.gov/docs/fy20osti/74983.pdf.  

Anderson, Kate, Xiangkun Li, Sourabh Dalvi, Sean Ericson, Clayton Barrows, Caitlin Murphy, and 
Eliza Hotchkiss. 2021. “Integrating the Value of Electricity Resilience in Energy Planning and 
Operations Decisions.” IEEE Systems Journal 15 (1): 204–214. NREL/JA-7A40-
74957. https://doi.org/10.1109/JSYST.2019.2961298.  

Ankit, Aman, Zhanlin Liu, Scott B. Miles, and Youngjun Choe. 2022. “U.S. Resilience to Large-Scale 
Power Outages in 2002–2019.” Journal of Safety Science and Resilience 3 (2): 128–135. 
https://doi.org/10.1016/j.jnlssr.2022.02.002.  

Australian Energy Market Commission (AEMC). 2023. “Security.” Accessed August 2, 2023. 
https://www.aemc.gov.au/energy-system/electricity/electricity-system/security.  

Ayyub, Bilal M. 2014. “Systems Resilience for Multihazard Environments: Definition, Metrics, and 
Valuation for Decision Making.” Risk Analysis 34 (2): 340–355. https://doi.org/10.1111/risa.12093.  

Baik, Sunhee, Alan H. Sanstad, Nichole Hanus, Joseph H. Eto, and Peter H. Larsen. 2021. “A Hybrid 
Approach to Estimating the Economic Value of Power System Resilience.” The Electricity Journal 34 
(8): 107013. https://doi.org/10.1016/j.tej.2021.107013.  

Baniassadi, Amir, and David J. Sailor. 2018. “Synergies and trade-offs between energy efficiency and 
resiliency to extreme heat–A case study.” Building and Environment 132: 263-272. 
https://doi.org/10.1016/j.buildenv.2018.01.037.  

Barringer, H. P. 1996. “An Overview of Reliability Engineering Principles.” Presented at Energy Week 
1996: American Society of Mechanical Engineers and American Petroleum Institute energy week 
conference and exhibition, Houston, Texas, January 21–February 2, 1996. Humble, TX: Barringer and 
Associates, Inc. https://www.osti.gov/biblio/382787.  

Bhusal, Narayan, Michael Abdelmalak, Md Kamruzzaman, and Mohammed Benidris. 2020. “Power 
System Resilience: Current Practices, Challenges, and Future Directions.” IEEE Access 8: 18064–
18086. https://doi.org/10.1109/ACCESS.2020.2968586.  

http://dx.doi.org/10.1191/030913200701540465
https://www.nrel.gov/docs/fy17osti/69034.pdf
https://www.nrel.gov/docs/fy19osti/74673.pdf
https://www.nrel.gov/docs/fy20osti/74983.pdf
https://doi.org/10.1109/JSYST.2019.2961298
https://doi.org/10.1016/j.jnlssr.2022.02.002
https://www.aemc.gov.au/energy-system/electricity/electricity-system/security
https://doi.org/10.1111/risa.12093
https://doi.org/10.1016/j.tej.2021.107013
https://doi.org/10.1016/j.buildenv.2018.01.037
https://www.osti.gov/biblio/382787
https://doi.org/10.1109/ACCESS.2020.2968586


35 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Bie, Zhaohong, Yanling Lin, Gengfeng Li, and Furong Li. 2017. “Battling the Extreme: A Study on the 
Power System Resilience.” Proceedings of the IEEE 105 (7): 1253–1266. 
https://doi.org/10.1109/JPROC.2017.2679040.  

Boyle, Esther, Alireza Inanlouganji, Thomaz Carvalhaes, Petar Jevtić, Giulia Pedrielli, and T. Agami 
Reddy. 2022. “Social Vulnerability and Power Loss Mitigation: A Case Study of Puerto Rico.” 
International Journal of Disaster Risk Reduction 82: 103357. 
https://doi.org/10.1016/j.ijdrr.2022.103357.  

Broderick, Robert, Robert Jeffers, Brooke Garcia, Jennifer Kallay, Alice Napoleon, Ben Havumaki, 
Jamie Hall, Caitlin Odom, Asa Hopkins, Melissa Whited, Tim Woolf, and Max Chang. 2021. 
Performance Metrics to Evaluate Utility Resilience Investments. Albuquerque, NM: Sandia National 
Laboratories. SAND2021-5919. https://doi.org/10.2172/1821803.  

Burton, Christopher G. 2015. “A Validation of Metrics for Community Resilience to Natural Hazards 
and Disasters using the Recovery from Hurricane Katrina as a Case Study.” Annals of the Association of 
American Geographers 105 (1): 67–86. https://doi.org/10.1080/00045608.2014.960039.  

Busby, Joshua, Kyri Baker, Morgan Bazilian, Alex Gilbert, Emily Grubert, Varun Rai, Joshua Rhodes, 
Sarang Shidore, Caitlin Smith, and Michael Webber. 2021. “Cascading Risks: Understanding the 2021 
Winter Blackout in Texas.” Energy Research & Social Science 77: 102106. 
https://doi.org/10.1016/j.erss.2021.102106.  

California Office of Planning and Research (OPR). 2022. “ICARP Resilience Metrics White Paper: 
Draft for March 25, 2022 ICARP TAC Quarterly Meeting.” Sacramento, CA: State of California. 
https://opr.ca.gov/climate/icarp/tac/meetings/2022-03-25/docs/20220325-
Item6_Resilience_Metrics_White_Paper.pdf.  

Callahan, Christopher W., and Justin S. Mankin. 2023. “Persistent Effect of El Niño on Global 
Economic Growth.” Science 380 (6649): 1064–1069. https://doi.org/10.1126/science.adf2983.  

Casey, Joan, Mihoka Fukurai, Diana Hernández, Satchit Balsari, and Mathew Kiang. 2020. “Power 
Outages and Community Health: A Narrative Review.” Current Environmental Health Reports 7 (4): 
371–383. https://doi.org/10.1007/s40572-020-00295-0.  

Chmutina, Ksenia and Jason von Meding. 2019. “A Dilemma of Language: ‘Natural Disasters’ in 
Academic Literature.” International Journal of Disaster Risk Science 10: 283–292. 
https://doi.org/10.1007/s13753-019-00232-2. 

Chmutina, Ksenia, Jason von Meding, and Lee Bosher. 2019. “Language matters: Dangers of the 
‘natural disaster’ misnomer.” Contributing Paper to the 2019 edition of the Global Assessment Report on 
Disaster Risk Reduction (GAR 2019). https://www.preventionweb.net/publication/language-matters-
dangers-natural-disaster-misnomer.  

Cicilio, Phylicia, David Glennon, Adam Mate, Arthur Barnes, Vishvas Chalishazar, Eduardo Cotilla-
Sanchez, Bjorn Vaagensmith, Jake Gentle, Craig Rieger, Richard Wies, and Mohammad Heidari-
Kapourchali. 2021. “Resilience in an Evolving Electrical Grid.” Energies 14 (3): 694. 
https://doi.org/10.3390/en14030694.  

https://doi.org/10.1109/JPROC.2017.2679040
https://doi.org/10.1016/j.ijdrr.2022.103357
https://doi.org/10.2172/1821803
https://doi.org/10.1080/00045608.2014.960039
https://doi.org/10.1016/j.erss.2021.102106
https://opr.ca.gov/climate/icarp/tac/meetings/2022-03-25/docs/20220325-Item6_Resilience_Metrics_White_Paper.pdf
https://opr.ca.gov/climate/icarp/tac/meetings/2022-03-25/docs/20220325-Item6_Resilience_Metrics_White_Paper.pdf
https://doi.org/10.1126/science.adf2983
https://doi.org/10.1007/s40572-020-00295-0
https://doi.org/10.1007/s13753-019-00232-2
https://www.preventionweb.net/publication/language-matters-dangers-natural-disaster-misnomer
https://www.preventionweb.net/publication/language-matters-dangers-natural-disaster-misnomer
https://doi.org/10.3390/en14030694


36 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Clark, Susan Spierre, Sara K.E. Peterson, Michael A. Shelly, and Robert F. Jeffers. 2022. “Developing 
an equity-focused metric for quantifying the social burden of infrastructure disruptions.” Sustainable 
and Resilient Infrastructure 8 (S1): 1-14. https://doi.org/10.1080/23789689.2022.2157116.   

Cook, Jeffrey, Christina Volpi, Erin Nobler, and Kyle Flanegin. 2018. Check the Stack: An Enabling 
Framework for Resilient Microgrids. Golden, CO: National Renewable Energy Laboratory. NREL/TP-
6A20-71594. https://www.nrel.gov/docs/fy19osti/71594.pdf.  

Cutter, Susan L. 2016. “The Landscape of Disaster Resilience Indicators in the USA.” Natural Hazards 
80 (2): 741–758. https://doi.org/10.1007/s11069-015-1993-2.  

Dennison, Philip, Simon Brewer, James Arnold, and Max Moritz. 2014. “Large Wildfire Trends in the 
Western United States, 1984–2011.” Geophysical Research Letters 41 (8): 2928–2933. 
https://doi.org/10.1002/2014GL059576.  

Dobson, Ian. 2012. “Estimating the propagation and extent of cascading line outages from utility data 
with a branching process.” IEEE Transactions on Power Systems 27 (4): 2146-2155. 
https://doi.org/10.1109/TPWRS.2012.2190112.  

Dugan, Jesse, Dahlia Byles, and Salman Mohagheghi. 2023. “Social Vulnerability to Long-Duration 
Power Outages.” International Journal of Disaster Risk Reduction 85: 103501. 
https://doi.org/10.1016/j.ijdrr.2022.103501.  

El Khaled, Zayan, and Hamid Mcheick. 2019. “Case Studies of Communications Systems During Harsh 
Environments: A Review of Approaches, Weaknesses, and Limitations to Improve Quality of Service.” 
International Journal of Distributed Sensor Networks 15 (2). 
https://doi.org/10.1177/1550147719829960.  

Ericson, Sean, and Lars Lisell. 2020. “A Flexible Framework for Modeling Customer Damage 
Functions for Power Outages.” Energy Systems 11 (1): 95–111.  
https://doi.org/10.1007/s12667-018-0314-8.  

Fastiggi, Mary, Sara Meerow, and Thaddeus R. Miller. 2021. “Governing Urban Resilience: 
Organisational Structures and Coordination Strategies in 20 North American City Governments.” Urban 
Studies 58 (6): 1262–1285. https://doi.org/10.1177/0042098020907277.  

Federal Emergency Management Agency (FEMA). 2023a. “The National Risk Index.” Accessed August 
2, 2023. https://hazards.fema.gov/nri/.  

———. 2023b. “Natural Hazards.” Accessed August 2, 2023. https://hazards.fema.gov/nri/natural-
hazards.  

———. 2021a. “National Risk Index for Natural Hazards.” https://www.fema.gov/flood-maps/products-
tools/national-risk-index.  

———. 2021b. National Risk Index: Technical Documentation. Washington, D.C. 
https://www.fema.gov/sites/default/files/documents/fema_national-risk-index_technical-
documentation.pdf. 

https://doi.org/10.1080/23789689.2022.2157116
https://www.nrel.gov/docs/fy19osti/71594.pdf
https://doi.org/10.1007/s11069-015-1993-2
https://doi.org/10.1002/2014GL059576
https://doi.org/10.1109/TPWRS.2012.2190112
https://doi.org/10.1016/j.ijdrr.2022.103501
https://doi.org/10.1177/1550147719829960
https://doi.org/10.1007/s12667-018-0314-8
https://doi.org/10.1177/0042098020907277
https://hazards.fema.gov/nri/
https://hazards.fema.gov/nri/natural-hazards
https://hazards.fema.gov/nri/natural-hazards
https://www.fema.gov/flood-maps/products-tools/national-risk-index
https://www.fema.gov/flood-maps/products-tools/national-risk-index
https://www.fema.gov/sites/default/files/documents/fema_national-risk-index_technical-documentation.pdf
https://www.fema.gov/sites/default/files/documents/fema_national-risk-index_technical-documentation.pdf


37 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

———. 2021c. Hazus Hurricane Model Technical Manual 2021. Washington, D.C. 
https://www.fema.gov/sites/default/files/documents/fema_hazus-hurricane-technical-manual-
4.2.3_0.pdf. 

Flanagan, Barry E., Elaine J. Hallisey, Erica Adams, and Amy Lavery. 2018. “Measuring Community 
Vulnerability to Natural and Anthropogenic Hazards: The Centers for Disease Control and Prevention’s 
Social Vulnerability Index.” Journal of Environmental Health 80 (10): 34–36. 
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC7179070/.  

Francis, Royce, and Behailu Bekera. 2014. “A Metric and Frameworks for Resilience Analysis of 
Engineered and Infrastructure Systems.” Reliability Engineering & System Safety 121: 90–103. 
https://doi.org/10.1016/j.ress.2013.07.004.  

Fullwood, Ralph, and Robert Hall. 1988. Probabilistic Risk Assessment in the Nuclear Power Industry: 
Fundamentals and Applications. Oxford, United Kingdom: Pergamon Press. 
https://www.osti.gov/biblio/5380299.  

Govindan, Rajesh, and Tareq Al-Ansari. 2019. “Computational Decision Framework for Enhancing 
Resilience of the Energy, Water and Food Nexus in Risky Environments.” Renewable and Sustainable 
Energy Reviews 112: 653–668. https://doi.org/10.1016/j.rser.2019.06.015. 

Haarla, Liisa, Mikko Koskinen, Ritva Hirvonen, and Pierre-Etienne Labeau. 2011. Transmission Grid 
Security: A PSA Approach. London, United Kingdom: Springer Science & Business Media. 

Hassler, Uta, and Niklaus Kohler. 2014. “Resilience in the Built Environment.” Building Research & 
Information 42 (2): 119–129. https://doi.org/10.1080/09613218.2014.873593.  

Heine, Reuben, and Nicholas Pinter. 2012. “Levee Effects Upon Flood Levels: An Empirical 
Assessment.” Hydrological Processes 26 (21): 3225–3240. https://doi.org/10.1002/hyp.8261.  

Henneaux, Pierre, Pierre-Etienne Labeau, and Jean-Claude Maun. 2013. “Blackout Probabilistic Risk 
Assessment and Thermal Effects: Impacts of Changes in Generation.” IEEE Transactions on Power 
Systems 28 (4): 4722-4731. https://doi.org/10.1109/TPWRS.2013.2263851.  

Hibbard, Paul J., Charles Wu, Hannah Krovetz, Tyler Farrell, and Jessica Landry. 2020. Climate Change 
Impact and Resilience Study—Phase II: An Assessment of Climate Change Impacts on Power System 
Reliability in New York State. Boston, MA: Analysis Group, Inc. 
https://www.analysisgroup.com/globalassets/insights/publishing/2020-climate-change-impact-and-
resilience-study-phase-ii-report.pdf.  

Hokstad, Per, and Marvin Rausand. 2008. “Common Cause Failure Modeling: Status and Trends.” In 
Handbook of Performability Engineering. Edited by Krishna Misra, pp. 621-640. London, United 
Kingdom: Springer. https://doi.org/10.1007/978-1-84800-131-2.  

Horn-Muller, Ayurella. 2023. “Trillions on the Line With El Niño.” Axios. May 23, 2023. 
https://www.axios.com/2023/05/18/el-nino-costs-damages. 

https://www.fema.gov/sites/default/files/documents/fema_hazus-hurricane-technical-manual-4.2.3_0.pdf
https://www.fema.gov/sites/default/files/documents/fema_hazus-hurricane-technical-manual-4.2.3_0.pdf
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC7179070/
https://doi.org/10.1016/j.ress.2013.07.004
https://www.osti.gov/biblio/5380299
https://doi.org/10.1016/j.rser.2019.06.015
https://doi.org/10.1080/09613218.2014.873593
https://doi.org/10.1002/hyp.8261
https://doi.org/10.1109/TPWRS.2013.2263851
https://www.analysisgroup.com/globalassets/insights/publishing/2020-climate-change-impact-and-resilience-study-phase-ii-report.pdf
https://www.analysisgroup.com/globalassets/insights/publishing/2020-climate-change-impact-and-resilience-study-phase-ii-report.pdf
https://doi.org/10.1007/978-1-84800-131-2
https://www.axios.com/2023/05/18/el-nino-costs-damages


38 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Hotchkiss, Eliza, and Alex Dane. 2019. Resilience Roadmap: A Collaborative Approach to Multi-
Jurisdictional Resilience Planning. Golden, CO: National Renewable Energy Laboratory. NREL/TP-
6A20-73509. https://www.nrel.gov/docs/fy19osti/73509.pdf.  

Institute of Electrical and Electronics Engineers (IEEE). 2012. IEEE Guide for Electric Power 
Distribution Reliability Indices. New York, NY. 
https://ieeexplore.ieee.org/stamp/stamp.jsp?arnumber=6329910.  

Intergovernmental Panel on Climate Change (IPCC). 2022. Climate Change 2022: Impacts, Adaptation, 
and Vulnerability. Contribution of Working Group II to the Sixth Assessment Report of the 
Intergovernmental Panel on Climate Change. Edited by H.-O. Pörtner, D. C. Roberts, M. Tignor, E. S. 
Poloczanska, K. Mintenbeck, A. Alegría, M. Craig, S. Langsdorf, S. Löschke, V. Möller, A. Okem, and 
B. Rama. Cambridge, United Kingdom, and New York, NY: Cambridge University Press, 3056. DOI: 
10.1017/9781009325844. 

Jain, Himanshu, Gab-Su Seo, Eric Lockhart, Vahan Gevorgian, and Benjamin Kroposki. 2020. 
“Blackstart of Power Grids With Inverter-Based Resources.” 2020 IEEE Power & Energy Society 
General Meeting (PESGM): 1–5. https://doi.org/10.1109/PESGM41954.2020.9281851.  

Jeffers, Robert, Calum B. Thompson, Amanda M. Wachtel, Avinash Srivastava, Alexander M. Zhivov, 
and Patrick W. Daniels. 2020. “Integration of Resilience Goals into Energy Master Planning Framework 
for Communities.” ASHRAE Transactions 126 (1): 803-823. https://annex73.iea-
ebc.org/Data/Sites/4/media/papers/or-20-021.pdf. 

Jeffers, Robert, Michael J. Baca, Amanda Wachtel, Sean DeRosa, Andrea Staid, William Ernest 
Fogleman, Alexander V. Outkin, and Frank M. Currie. 2018. Analysis of microgrid locations benefitting 
community resilience for Puerto Rico. Albuquerque, NM: Sandia National Laboratories. SAND2018-
11145. https://doi.org/10.2172/1481633.  

Jiang, Hongquan, Jianmin Gao, and Fumin Chen. 2009. “System Failure Analysis Based on Complex 
Network Theory.” 2009 Annual Reliability and Maintainability Symposium: 176–181. 
https://doi.org/10.1109/RAMS.2009.4914671. 

Johansen, Chloe, Jennifer Horney, and Iris Tien. 2017. “Metrics for evaluating and improving 
community resilience.” Journal of Infrastructure Systems 23 (2): 04016032. 
https://doi.org/10.1061/(ASCE)IS.1943-555X.0000329.  

Kahnamouei, Ali Shakeri, and Saeed Lotfifard. 2021. “Enhancing Resilience of Distribution Networks 
by Coordinating Microgrids and Demand Response Programs in Service Restoration.” IEEE Systems 
Journal 16 (2): 3048–3059. https://doi.org/10.1109/JSYST.2021.3097263.  

Karakoc, Deniz Berfin, Kash Barker, Christopher W. Zobel, and Yasser Almoghathawi. 2020. “Social 
Vulnerability and Equity Perspectives on Interdependent Infrastructure Network Component 
Importance.” Sustainable Cities and Society 57: 102072. https://doi.org/10.1016/j.scs.2020.102072.  

Keck, Markus, and Patrick Sakdapolrak. 2013. “What Is Social Resilience? Lessons Learned and Ways 
Forward.” Erdkunde: 5–19. http://www.jstor.org/stable/23595352.  

https://www.nrel.gov/docs/fy19osti/73509.pdf
https://ieeexplore.ieee.org/stamp/stamp.jsp?arnumber=6329910
https://doi.org/10.1109/PESGM41954.2020.9281851
https://annex73.iea-ebc.org/Data/Sites/4/media/papers/or-20-021.pdf
https://annex73.iea-ebc.org/Data/Sites/4/media/papers/or-20-021.pdf
https://doi.org/10.2172/1481633
https://doi.org/10.1109/RAMS.2009.4914671
https://doi.org/10.1061/(ASCE)IS.1943-555X.0000329
https://doi.org/10.1109/JSYST.2021.3097263
https://doi.org/10.1016/j.scs.2020.102072
http://www.jstor.org/stable/23595352


39 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Kelman, Ilan. 2018. “Lost for Words Amongst Disaster Risk Science Vocabulary?” International 
Journal of Disaster Risk Science 9: 281–291. https://doi.org/10.1007/s13753-018-0188-3.  

Khalili, Tohid, Ali Bidram, and Matthew J. Reno. 2020. “Impact Study of Demand Response Program 
on the Resilience of Dynamic Clustered Distribution Systems.” IET Generation, Transmission & 
Distribution 14 (22): 5230–5238. https://doi.org/10.1049/iet-gtd.2020.0068.  

Kopsidas, Konstantinos, and Mohamed Abogaleela. 2018. “Utilizing Demand Response to Improve 
Network Reliability and Ageing Resilience.” IEEE Transactions on Power Systems 34 (3): 2216–2227. 
https://doi.org/10.1109/TPWRS.2018.2883612.  

Li, Chuan-Zhong, Anne-Sophie Crépin, and Carl Folke. 2018. “The Economics of Resilience.” 
International Review of Environmental and Resource Economics 11 (4): 309–353. 
https://doi.org/10.1561/101.00000096. 

Lin, Yanling, Jianhui Wang, and Meng Yue. 2022. “Equity-Based Grid Resilience: How Do We Get 
There?” The Electricity Journal 35 (5): 107135. https://doi.org/10.1016/j.tej.2022.107135.  

Liu, Chen-Ching. 2015. “Distribution Systems: Reliable But Not Resilient? [In My View].” IEEE Power 
and Energy Magazine 13 (3): 93-96. https://doi.org/10.1109/MPE.2015.2397332.  

Magnan, Alexandre K., E. Lisa Freja Schipper, Maxine Burkett, Sukaina Bharwani, Ian Burton, Siri 
Eriksen, François Gemenne, Johan Schaar, and Gina Ziervogel. 2016. “Addressing the Risk of 
Maladaptation to Climate Change.” Wiley Interdisciplinary Reviews: Climate Change 7 (5): 646–665. 
https://doi.org/10.1002/wcc.409. 

Maguire, Brigit, and Patrick Hagan. 2007. “Disasters and Communities: Understanding Social 
Resilience.” The Australian Journal of Emergency Management 22 (2): 16–20. 
https://search.informit.org/doi/epdf/10.3316/informit.839750155412061.  

Markowski, Adam, and Agata Kotynia. 2011. “‘Bow-Tie’ Model in Layer of Protection Analysis.” 
Process Safety and Environmental Protection 89 (4): 205–213. 
https://doi.org/10.1016/j.psep.2011.04.005. 

Memmott, Trevor, Sanya Carley, Michelle Graff, and David M. Konisky. 2021. “Sociodemographic 
Disparities in Energy Insecurity Among Low-Income Households Before and During the COVID-19 
Pandemic.” Nature Energy 6 (2): 186–193. https://doi.org/10.1038/s41560-020-00763-9.  

Meyer, Volker, Nina Becker, Vasileios Markantonis, Reimund Schwarze, Jeroen CJM van den Bergh, 
Laurens M. Bouwer, Phillip Bubeck et al. 2013. “Assessing the Costs of Natural Hazards–State of the 
Art and Knowledge Gaps.” Natural Hazards and Earth System Sciences 13 (5): 1351–1373. 
https://doi.org/10.5194/nhess-13-1351-2013.  

Mitsova, Diana, Ann-Margaret Esnard, Alka Sapat, and Betty S. Lai. 2018. “Socioeconomic 
Vulnerability and Electric Power Restoration Timelines in Florida: The Case of Hurricane Irma.” 
Natural Hazards 94: 689–709. https://doi.org/10.1007/s11069-018-3413-x.  

https://doi.org/10.1007/s13753-018-0188-3
https://doi.org/10.1049/iet-gtd.2020.0068
https://doi.org/10.1109/TPWRS.2018.2883612
https://doi.org/10.1561/101.00000096
https://doi.org/10.1016/j.tej.2022.107135
https://doi.org/10.1109/MPE.2015.2397332
https://doi.org/10.1002/wcc.409
https://search.informit.org/doi/epdf/10.3316/informit.839750155412061
https://doi.org/10.1016/j.psep.2011.04.005
https://doi.org/10.1038/s41560-020-00763-9
https://doi.org/10.5194/nhess-13-1351-2013
https://doi.org/10.1007/s11069-018-3413-x


40 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Molyneaux, Lynette, Colin Brown, Liam Wagner, and John Foster. 2016. “Measuring Resilience in 
Energy Systems: Insights from a Range of Disciplines.” Renewable and Sustainable Energy Reviews 59: 
1068–1079. https://doi.org/10.1016/j.rser.2016.01.063.  

Mousavizadeh, Saeed, Mahmoud-Reza Haghifam, and Mohammad-Hossein Shariatkhah. 2018. “A 
Linear Two-Stage Method for Resiliency Analysis in Distribution Systems Considering Renewable 
Energy and Demand Response Resources.” Applied Energy 211: 443–460. 
https://doi.org/10.1016/j.apenergy.2017.11.067.  

Murphy, Caitlin, Eliza Hotchkiss, Kate Anderson, Clayton Barrows, Stuart Cohen, Sourabh Dalvi, Nick 
Laws, Jeff Maguire, Gord Stephen, and Eric Wilson. 2020. Adapting Existing Energy Planning, 
Simulation, and Operational Models for Resilience Analysis. Golden, CO: National Renewable Energy 
Laboratory. NREL/TP-6A20-74241. https://www.nrel.gov/docs/fy20osti/74241.pdf. 

National Academies of Sciences, Engineering, and Medicine (NASEM). 2017. Enhancing the Resilience 
of the Nation’s Electricity System. Washington, D.C.: National Academies Press. 
https://nap.nationalacademies.org/catalog/24836/enhancing-the-resilience-of-the-nations-electricity-
system.  

National Infrastructure Advisory Council (NIAC). 2010. A Framework for Establishing Critical 
Infrastructure Resilience Goals: Final Report and Recommendations by the Council. Washington, D.C.: 
U.S. Department of Homeland Security. https://www.dhs.gov/xlibrary/assets/niac/niac-a-framework-for-
establishing-critical-infrastructure-resilience-goals-2010-10-19.pdf.  

National Oceanic and Atmospheric Administration (NOAA) National Centers for Environmental 
Information. 2023a. “Billion-Dollar Weather and Climate Disasters.” Accessed August 3, 2023. 
https://www.ncei.noaa.gov/access/billions/.  

National Oceanic and Atmospheric Administration (NOAA) National Centers for Environmental 
Prediction. 2023b. “ENSO: Recent Evolution, Current Status and Predictions.” Update prepared June 
12, 2023. https://www.cpc.ncep.noaa.gov/products/analysis_monitoring/lanina/enso_evolution-status-
fcsts-web.pdf.  

National Renewable Energy Laboratory (NREL). 2023. “Customer Damage Function Calculator.” 
Accessed August 2, 2023. https://cdfc.nrel.gov/.  

Neukomm, Monica, Valerie Nubbe, and Robert Fares. 2019. “Grid-Interactive Efficient Buildings 
Technical Report Series: Overview of Research Challenges and Gaps.” NREL/TP-5500-75470, 
DOE/GO-102019-5227, 1577966. https://doi.org/10.2172/1577966. 

New York Independent System Operator (NYISO). 2021. 2021–2030 Comprehensive Reliability Plan: 
A Report from the New York Independent System Operator. Rensselaer, NY. 
https://www.nyiso.com/documents/20142/2248481/2021-2030-Comprehensive-Reliability-Plan.pdf.  

———. 2022a. “Public Policies and the Transformation of NY's Electric Grid.” July 7, 2022. 
https://www.nyiso.com/-/public-policies-and-the-transformation-of-new-york-s-electric-grid.  

https://doi.org/10.1016/j.rser.2016.01.063
https://doi.org/10.1016/j.apenergy.2017.11.067
https://www.nrel.gov/docs/fy20osti/74241.pdf
https://nap.nationalacademies.org/catalog/24836/enhancing-the-resilience-of-the-nations-electricity-system
https://nap.nationalacademies.org/catalog/24836/enhancing-the-resilience-of-the-nations-electricity-system
https://www.dhs.gov/xlibrary/assets/niac/niac-a-framework-for-establishing-critical-infrastructure-resilience-goals-2010-10-19.pdf
https://www.dhs.gov/xlibrary/assets/niac/niac-a-framework-for-establishing-critical-infrastructure-resilience-goals-2010-10-19.pdf
https://www.ncei.noaa.gov/access/billions/
https://www.cpc.ncep.noaa.gov/products/analysis_monitoring/lanina/enso_evolution-status-fcsts-web.pdf
https://www.cpc.ncep.noaa.gov/products/analysis_monitoring/lanina/enso_evolution-status-fcsts-web.pdf
https://cdfc.nrel.gov/
https://doi.org/10.2172/1577966
https://www.nyiso.com/documents/20142/2248481/2021-2030-Comprehensive-Reliability-Plan.pdf
https://www.nyiso.com/-/public-policies-and-the-transformation-of-new-york-s-electric-grid


41 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

———. 2022b. 2022 Reliability Needs Assessment (RNA). September 19, 2022. 
https://www.nyiso.com/documents/20142/33237168/2022RNA_Draft3Report-
Excerpts_forSept19ESPWG_v1.pdf/2de4c51d-4d3e-afcd-467d-3137bfe5c884.  

Nik, Vahid M., and Amin Moazami. 2021. “Using Collective Intelligence to Enhance Demand 
Flexibility and Climate Resilience in Urban Areas.” Applied Energy 281: 116106. 
https://doi.org/10.1016/j.apenergy.2020.116106.  

Noble, Ian, Saleemul Huq, Yuri Anokhin, JoAnn Carmin, Dieudonne Goudou, Felino Lansigan, Balgis 
Osman-Elasha, and Alicia Villamizar. 2014. “Chapter 14: Adaptation Needs and Options.” In Climate 
Change 2014: Impacts, Adaptation, and Vulnerability. Part A: Global and Sectoral Aspects. 
Contribution of Working Group II to the Fifth Assessment Report of the Intergovernmental Panel on 
Climate Change, 833–868. Edited by C. B. Field, V. R. Barros, D. J. Dokken, K. J. Mach, M. D. 
Mastrandrea, T. E. Bilir, M. Chatterjee, K. L. Ebi, Y. O. Estrada, R. C. Genova, B. Girma, E. S. Kissel, 
A. N. Levy, S. MacCracken, P. R. Mastrandrea, and L. L. White. Cambridge, United Kingdom, and 
New York, NY: Cambridge University Press. 

NYC Emergency Management. (2019). NYC’s Risk Landscape: A Guide to Hazard Mitigation. 
https://www1.nyc.gov/assets/em/downloads/pdf/hazard_mitigation/risklandscape2.0_2019_r2_digital_lo
wres.pdf.  

Panteli, Mathaios and Pierluigi Mancarella. 2015. “The Grid: Stronger, Bigger, Smarter?: Presenting a 
Conceptual Framework of Power System Resilience.” IEEE Power and Energy Magazine 13 (3): 58-66. 
https://doi.org/10.1109/MPE.2015.2397334.  

Parhizkar, Tarannom, Ingrid Bouwer Utne, Jan Erik Vinnem, and Ali Mosleh. 2021. “Supervised 
Dynamic Probabilistic Risk Assessment of Complex Systems, Part 2: Application to Risk-Informed 
Decision Making, Practice and Results.” Reliability Engineering & System Safety 208: 107392. 
https://doi.org/10.1016/j.ress.2020.107392.  

Petit, Frederic, Vanessa Vargas, and James Kavicky. 2020. Grid Modernization: Metrics Analysis 
(GMLC1.1) – Resilience. Richland, WA: Pacific Northwest National Laboratory. PNNL-28567. 
https://gmlc.doe.gov/sites/default/files/2021-08/GMLC1.1_Vol3_Resilience.pdf.  

Preventing outages and enhancing the resilience of the electric grid. 2021. 42 U.S. Code § 18711. 
https://www.law.cornell.edu/uscode/text/42/18711#a_1.   

Rahgozar, Sepehr, Abbas Zare Ghaleh Seyyedi, and Pierluigi Siano. 2022. “A Resilience-Oriented 
Planning of Energy Hub by Considering Demand Response Program and Energy Storage Systems.” 
Journal of Energy Storage 52: 104841. https://doi.org/10.1016/j.est.2022.104841.  

Raoufi, Habibollah, Vahid Vahidinasab, and Kamyar Mehran. 2020. “Power Systems Resilience 
Metrics: A Comprehensive Review of Challenges and Outlook.” Sustainability 12 (22): 9698. 
https://doi.org/10.3390/su12229698.  

https://www.nyiso.com/documents/20142/33237168/2022RNA_Draft3Report-Excerpts_forSept19ESPWG_v1.pdf/2de4c51d-4d3e-afcd-467d-3137bfe5c884
https://www.nyiso.com/documents/20142/33237168/2022RNA_Draft3Report-Excerpts_forSept19ESPWG_v1.pdf/2de4c51d-4d3e-afcd-467d-3137bfe5c884
https://doi.org/10.1016/j.apenergy.2020.116106
https://www1.nyc.gov/assets/em/downloads/pdf/hazard_mitigation/risklandscape2.0_2019_r2_digital_lowres.pdf
https://www1.nyc.gov/assets/em/downloads/pdf/hazard_mitigation/risklandscape2.0_2019_r2_digital_lowres.pdf
https://doi.org/10.1109/MPE.2015.2397334
https://doi.org/10.1016/j.ress.2020.107392
https://gmlc.doe.gov/sites/default/files/2021-08/GMLC1.1_Vol3_Resilience.pdf
https://www.law.cornell.edu/uscode/text/42/18711#a_1
https://doi.org/10.1016/j.est.2022.104841
https://doi.org/10.3390/su12229698


42 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Ribeiro, David, Eric Mackres, Brendon Baatz, Rachel Cluett, Michael Jarrett, Meegan Kelly, and Shruti 
Vaidyanathan. 2015. Enhancing Community Resilience through Energy Efficiency. Washington, D.C.: 
American Council for an Energy-Efficient Economy. https://c2e2.unepccc.org/wp-
content/uploads/sites/2/2016/03/u1508.pdf.  

Riddle, Matthew, Eric Tatara, Charles Olson, Braeton Smith, Allison Bennett Irion, Braden Harker, 
David Pineault, Elisa Alonso, and Diane Graziano. 2021. “Agent-Based Modeling of Supply Disruptions 
in the Global Rare Earths Market.” Resources, Conservation and Recycling 164: 105193. 
https://doi.org/10.1016/j.resconrec.2020.105193.  

Rits, Mike. 2019. “Energy Resilience and the “5 R’s.” Energy Express. Tyndall Air Force Base, FL: 
U.S. Air Force Civil Engineer Center, Detachment 1. 
https://static.dvidshub.net/media/pubs/pdf_48549.pdf.  

Roege, Paul E., Zachary A. Collier, James Mancillas, John A. McDonagh, and Igor Linkov. 2014. 
“Metrics for Energy Resilience.” Energy Policy 72: 249–256. 
https://doi.org/10.1016/j.enpol.2014.04.012.  

Saleh, Mahmoud, Yusef Esa, and Ahmed Mohamed. 2018. “Applications of Complex Network Analysis 
in Electric Power Systems.” Energies 11 (6): 1381. https://doi.org/10.3390/en11061381.  

Sanstad, Alan H. 2016. “Regional economic modeling of electricity supply disruptions: a review and 
recommendations for research.” Berkeley, CA: Lawrence Berkeley National Laboratory. LBNL-
1004426. https://emp.lbl.gov/publications/regional-economic-modeling.  

Schipper, E. Lisa F. 2020. “Maladaptation: When Adaptation to Climate Change Goes Very Wrong.” 
One Earth 3 (4): 409–414. https://doi.org/10.1016/j.oneear.2020.09.014.  

Schipper, E. Lisa F. 2022. “Catching Maladaptation Before It Happens.” Nature Climate Change 12 (7): 
617–618. https://www.nature.com/articles/s41558-022-01409-2.  

Schipper, E. Lisa F., and Lara Langston. 2015. “A Comparative Overview of Resilience Measurement 
Frameworks: Analyzing Indicators and Approaches.” London, United Kingdom: Overseas Development 
Institute. Working Paper 422. http://dx.doi.org/10.13140/RG.2.1.2430.0882.  

Schneider, Kevin P., Stuart Laval, Ben Ollis, Kumar Prubaker, Leon Tolbert, Somasundaram 
Essakiappan, Robert Tucker, Wei Du, Jing Xie, Laurentiu D. Marinovici, Bishnu P. Bhattarai, David 
Lawrence, Joshua Hambrick, Neil Shepard, Max Ferrarai, Caitlin Murphy, Yaswantha Velaga, Yilu Liu, 
Paychudea Kritprajun, Yunting Liu, Lin Zhu, Qihuan Dong, Madhav Manjrekar, and Prithwiraj Roy 
Chowdhury. 2021. GMLC 1.5.03: Increasing Distribution System Resiliency using Flexible DER and 
Microgrid Assets Enabled by OpenFMB (Duke-RDS Final Report). Richland, WA: Pacific Northwest 
National Laboratory. PNNL-32075. https://doi.org/10.2172/1834057.   

Schweikert, Amy E., and Mark R. Deinert. 2021. “Vulnerability and Resilience of Power Systems 
Infrastructure to Natural Hazards and Climate Change.” Wiley Interdisciplinary Reviews: Climate 
Change 12 (5): e724. https://doi.org/10.1002/wcc.724.  

https://c2e2.unepccc.org/wp-content/uploads/sites/2/2016/03/u1508.pdf
https://c2e2.unepccc.org/wp-content/uploads/sites/2/2016/03/u1508.pdf
https://doi.org/10.1016/j.resconrec.2020.105193
https://static.dvidshub.net/media/pubs/pdf_48549.pdf
https://doi.org/10.1016/j.enpol.2014.04.012
https://doi.org/10.3390/en11061381
https://emp.lbl.gov/publications/regional-economic-modeling
https://doi.org/10.1016/j.oneear.2020.09.014
https://www.nature.com/articles/s41558-022-01409-2
http://dx.doi.org/10.13140/RG.2.1.2430.0882
https://doi.org/10.2172/1834057
https://doi.org/10.1002/wcc.724


43 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Shandiz, Saeid Charani, Greg Foliente, Behzad Rismanchi, Amanda Wachtel, and Robert F. Jeffers. 
2020. “Resilience Framework and Metrics for Energy Master Planning of Communities.” Energy 203: 
117856. https://doi.org/10.1016/j.energy.2020.117856.  

Simon, Tomer, Avishay Goldberg, and Bruria Adini. 2015. “Socializing in Emergencies—A Review of 
the Use of Social media in Emergency Situations.” International Journal of Information Management 35 
(5): 609–619. https://doi.org/10.1016/j.ijinfomgt.2015.07.001.  

Stamatelatos, Michael, and Homayoon Dezfuli. 2011. “Probabilistic Risk Assessment Procedures Guide 
for NASA Managers and Practitioners.” Washington, D.C.: National Aeronautics and Space 
Administration. NASA/SP-2011-3421. 
https://ntrs.nasa.gov/api/citations/20120001369/downloads/20120001369.pdf.  

Stout, Sherry, Nathan Lee, Sadie Cox, James Elsworth, and Jennifer Leisch. 2019. Power Sector 
Resilience Planning Guidebook: A Self-Guided Reference for Practitioners. Golden, CO: National 
Renewable Energy Laboratory. NREL/TP-7A40-73489. https://www.nrel.gov/docs/fy19osti/73489.pdf.  

Tantawy, Ashraf, Sherif Abdelwahed, and Abdelkarim Erradi. 2022. “Cyber LOPA: An Integrated 
Approach for the Design of Dependable and Secure Cyber-Physical Systems.” IEEE Transactions on 
Reliability 71 (2): 1075-1091. https://doi.org/10.1109/TR.2022.3163652.  

U.S. Air Force (USAF). 2021. Installation Energy Strategic Plan. Washington, D.C. 
https://www.af.mil/Portals/1/documents/2021SAF/01_Jan/AF_Installation_Energy_Strategic_Plan_15J
AN2021.pdf.  

U.S. Congress. 2021. Infrastructure Investment and Jobs Act. H.R. 3684, 117th Cong., 1st sess. Became 
Public Law No: 117-58 on November 15, 2021. https://www.congress.gov/bill/117th-congress/house-
bill/3684.  

U.S. Department of Energy (DOE). 2017. “Chapter 4: Ensuring Electricity System Reliability, Security, 
and Resilience.” In Transforming the Nation’s Electricity Sector: The Second Installment of the QER. 
Washington, D.C. DOE/EPSA-0008. 
https://www.energy.gov/sites/prod/files/2017/01/f34/Chapter%20IV%20Ensuring%20Electricity%20Sy
stem%20Reliability%2C%20Security%2C%20and%20Resilience.pdf.  

———. 2022. Enhancing Resilience in Buildings Through Energy Efficiency. Richland, WA: Pacific 
Northwest National Laboratory. PNNL-SA-177117. 
https://www.energycodes.gov/sites/default/files/2023-02/Resilience_Buildings_EE_2022.pdf.  

U.S. Global Change Research Program (USGCRP). 2018. Fourth National Climate Assessment Volume 
II: Impacts, Risks, and Adaptation in the United States. Washington, D.C. 
https://nca2018.globalchange.gov.  

Vugrin, Eric, Andrea Castillo, and Cesar Augusto Silva-Monroy. 2017. Resilience Metrics for the 
Electric Power System: A Performance-Based Approach. Albuquerque, NM: Sandia National 
Laboratories. SAND2017-1493. https://www.osti.gov/servlets/purl/1367499.  

https://doi.org/10.1016/j.energy.2020.117856
https://doi.org/10.1016/j.ijinfomgt.2015.07.001
https://ntrs.nasa.gov/api/citations/20120001369/downloads/20120001369.pdf
https://www.nrel.gov/docs/fy19osti/73489.pdf
https://doi.org/10.1109/TR.2022.3163652
https://www.af.mil/Portals/1/documents/2021SAF/01_Jan/AF_Installation_Energy_Strategic_Plan_15JAN2021.pdf
https://www.af.mil/Portals/1/documents/2021SAF/01_Jan/AF_Installation_Energy_Strategic_Plan_15JAN2021.pdf
https://www.congress.gov/bill/117th-congress/house-bill/3684
https://www.congress.gov/bill/117th-congress/house-bill/3684
https://www.energy.gov/sites/prod/files/2017/01/f34/Chapter%20IV%20Ensuring%20Electricity%20System%20Reliability%2C%20Security%2C%20and%20Resilience.pdf
https://www.energy.gov/sites/prod/files/2017/01/f34/Chapter%20IV%20Ensuring%20Electricity%20System%20Reliability%2C%20Security%2C%20and%20Resilience.pdf
https://www.energycodes.gov/sites/default/files/2023-02/Resilience_Buildings_EE_2022.pdf
https://nca2018.globalchange.gov/
https://www.osti.gov/servlets/purl/1367499


44 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Wang, Xu, Zhiyi Li, Mohammad Shahidehpour, and Chuanwen Jiang. 2017. “Robust Line Hardening 
Strategies for Improving the Resilience of Distribution Systems With Variable Renewable Resources.” 
IEEE Transactions on Sustainable Energy 10 (1): 386–395. 
https://doi.org/10.1109/TSTE.2017.2788041.  

Watson, Jean-Paul, Ross Guttromson, Cesar Silva-Monroy, Robert Jeffers, Katherine Jones, James 
Ellison, Charles Rath et al. 2015. “Conceptual Framework for Developing Resilience Metrics for the 
Electricity, Oil, and Gas Sectors in the United States.” Albuquerque, NM: Sandia National Laboratories. 
SAND2014-18019. 
https://www.energy.gov/sites/prod/files/2015/09/f26/EnergyResilienceReport_Final_SAND2014-
18019.pdf.  

The White House. 2013. “Presidential Policy Directive 21 (PPD-21): Critical Infrastructure Security and 
Resilience (PPD-21)” February 12, 2013. Washington, D.C. https://obamawhitehouse.archives.gov/the-
press-office/2013/02/12/presidential-policy-directive-critical-infrastructure-security-and-resil.  

White, Robert, and F. Marshall Miles. 1996. “Principles of Fault Tolerance.” Proceedings of Applied 
Power Electronics Conference (APEC'96) 1: 18–25. https://doi.org/10.1109/APEC.1996.500416.  

Wilbanks, Thomas J. 2007. “The Research Component of the Community and Regional Resilience 
Initiative (CARRI).” Presented at the Natural Hazards Center, University of Colorado-Boulder, 1 
November 2007.  

Willey, Ronald. 2014. “Layer of Protection Analysis.” Procedia Engineering 84: 12–22. 
https://doi.org/10.1016/j.proeng.2014.10.405.  

Willis, Henry, and Kathleen Loa. 2015. Measuring the Resilience of Energy Distribution Systems. Santa 
Monica, CA: RAND Corporation. https://www.rand.org/pubs/research_reports/RR883.html.  

World Meteorological Organization (WMO). 2023. “Global Temperatures Set to Reach New Records in 
Next Five Years.” May 17, 2023. https://public.wmo.int/en/media/press-release/global-temperatures-set-
reach-new-records-next-five-years.  

Ye, Yabin, Felipe Jiménez Arribas, Jaafar Elmirghani, Filip Idzikowski, Jorge López Vizcaíno, Paolo 
Monti, Francesco Musumeci, Achille Pattavina, and Ward Van Heddeghem. 2015. “Energy-efficient 
resilient optical networks: Challenges and trade-offs.” IEEE Communications Magazine 53 (2): 144-
150. https://doi.org/10.1109/MCOM.2015.7045403.  

Younesi, Abdollah, Hossein Shayeghi, Amin Safari, and Pierluigi Siano. 2020. “A Quantitative 
Resilience Measure Framework for Power Systems against Wide-Area Extreme Events.” IEEE Systems 
Journal 15 (1): 915–922. https://doi.org/10.1109/JSYST.2020.3001222.  

Younesi, Abdollah, Hossein Shayeghi, Zongjie Wang, Pierluigi Siano, Ali Mehrizi-Sani, and Amin 
Safari. 2022. “Trends in Modern Power Systems Resilience: State-of-the-art Review.” Renewable and 
Sustainable Energy Reviews 162: 112397. https://doi.org/10.1016/j.rser.2022.112397.  

https://doi.org/10.1109/TSTE.2017.2788041
https://www.energy.gov/sites/prod/files/2015/09/f26/EnergyResilienceReport_Final_SAND2014-18019.pdf
https://www.energy.gov/sites/prod/files/2015/09/f26/EnergyResilienceReport_Final_SAND2014-18019.pdf
https://obamawhitehouse.archives.gov/the-press-office/2013/02/12/presidential-policy-directive-critical-infrastructure-security-and-resil
https://obamawhitehouse.archives.gov/the-press-office/2013/02/12/presidential-policy-directive-critical-infrastructure-security-and-resil
https://doi.org/10.1109/APEC.1996.500416
https://doi.org/10.1016/j.proeng.2014.10.405
https://www.rand.org/pubs/research_reports/RR883.html
https://public.wmo.int/en/media/press-release/global-temperatures-set-reach-new-records-next-five-years
https://public.wmo.int/en/media/press-release/global-temperatures-set-reach-new-records-next-five-years
https://doi.org/10.1109/MCOM.2015.7045403
https://doi.org/10.1109/JSYST.2020.3001222
https://doi.org/10.1016/j.rser.2022.112397


45 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Zamuda, Craig, Peter Larsen, Myles Collins, Stephanie Bieler, Josh Schellenberg, and Shannon Hees. 
2019. “Monetization Methods for Evaluating Investments in Electricity System Resilience to Extreme 
Weather and Climate Change.” The Electricity Journal 32 (9): 106641. 
https://doi.org/10.1016/j.tej.2019.106641.  

Zhou, Yuekuan. 2022. “Climate Change Adaptation With Energy Resilience in Energy Districts—A 
State-of-the-Art Review.” Energy and Buildings: 112649. 
https://doi.org/10.1016/j.enbuild.2022.112649.  

Zio, Enrico. 2007. An Introduction to the Basics of Reliability and Risk Analysis. Series on Quality, 
Reliability and Engineering Statistics: Volume 13. Singapore: World Scientific Publishing Company. 
https://doi.org/10.1142/6442.  

Zuzak, Casey, Anne Sheehan, Emily Goodenough, Alice McDougall, Carly Stanton, Patrick McGuire, 
Matthew Mowrer, Benjamin Roberts, and Jesse Rozelle. 2023. National Risk Index Technical 
Documentation. Washington, D.C.: Federal Emergency Management Agency. 
https://www.fema.gov/sites/default/files/documents/fema_national-risk-index_technical-
documentation.pdf.  

  

https://doi.org/10.1016/j.tej.2019.106641
https://doi.org/10.1016/j.enbuild.2022.112649
https://doi.org/10.1142/6442
https://www.fema.gov/sites/default/files/documents/fema_national-risk-index_technical-documentation.pdf
https://www.fema.gov/sites/default/files/documents/fema_national-risk-index_technical-documentation.pdf


46 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Appendix B: Bibliography 
Aldieri, Luigi, Andrea Gatto, and Concetto Paolo Vinci. 2021. “Evaluation of Energy Resilience and 
Adaptation Policies: An Energy Efficiency Analysis.” Energy Policy 157: 112505. 
https://doi.org/10.1016/j.enpol.2021.112505.  

Beilin, Ruth, and Cathy Wilkinson. 2015. “Introduction: Governing for Urban Resilience.” Urban 
Studies 52 (7): 1205–1217. https://doi.org/10.1177/0042098015574955. 

Birolini, Alessandro. 2007. Reliability Engineering Theory and Practice. Springer. 

Buckle, P. 2006. “Assessing Social Resilience.” In Disaster Resilience: An Integrated Approach. Edited 
by D. Paton and D. Johnston. Springfield, IL: Charles C. Thomas.  

Centers for Disease Control and Prevention (CDC). 2015. Planning for an Emergency: Strategies for 
Identifying and Engaging At-Risk Groups. A Guidance Document for Emergency Managers: First 
Edition. Atlanta, GA. 

Clauss-Ehlers Caroline. 2010. “Cultural Resilience.” In Encyclopedia of Cross-Cultural School 
Psychology. Edited by Caroline S. Clauss-Ehlers. Boston, MA: Springer. https://doi.org/10.1007/978-0-
387-71799-9_115.  

Colten, Craig E., Robert W. Kates, and Shirley B. Laska. 2008. “Three Years after Katrina: Lessons for 
Community Resilience.” Environment: Science and Policy for Sustainable Development 50 (5): 36–47. 
DOI: 10.3200/ENVT.50.5.36-47. http://www.rwkates.org/pdfs/a2008.01.pdf.  

Cox, Robin S., and Karen-Marie Elah Perry. 2011. “Like a Fish Out of Water: Reconsidering Disaster 
Recovery and the Role of Place and Social Capital in Community Disaster Resilience.” American 
Journal of Community Psychology 48: 395–411. https://doi.org/10.1007/s10464-011-9427-0. 

Cutter, Susan L., Bryan J. Boruff, and W. Lynn Shirley. 2003. “Social Vulnerability to Environmental 
Hazards.” Social Science Quarterly 84 (2): 242–61. https://doi.org/10.1111/1540-6237.8402002. 

Cutter, Susan L., Kevin D. Ash, and Christopher T. Emrich. 2014. “The Geographies of Community 
Disaster Resilience.” Global Environmental Change 29 (November): 65–77. 
https://doi.org/10.1016/j.gloenvcha.2014.08.005. 

Drolet, Julie L. 2021. “Chapter 14 – Societal Adaptation to Climate Change.” In The Impacts of Climate 
Change. Elsevier, 365–377. ISBN 9780128223734. https://doi.org/10.1016/B978-0-12-822373-4.00011-
2. 

Executive Order 14008. 2021. Tackling the Climate Crisis at Home and Abroad. January 27, 2021. 
https://www.federalregister.gov/documents/2021/02/01/2021-02177/tacklingthe-climate-crisis-at-home-
and-abroad.  

Fabbricatti, Katia, Lucie Boissenin, and Michele Citoni. 2020. “Heritage Community Resilience: 
Towards New Approaches for Urban Resilience and Sustainability.” City Territory and Architecture 7 
(17). https://doi.org/10.1186/s40410-020-00126-7.  

https://doi.org/10.1016/j.enpol.2021.112505
https://doi.org/10.1177/0042098015574955
https://doi.org/10.1007/978-0-387-71799-9_115
https://doi.org/10.1007/978-0-387-71799-9_115
http://www.rwkates.org/pdfs/a2008.01.pdf
https://doi.org/10.1007/s10464-011-9427-0
https://doi.org/10.1111/1540-6237.8402002
https://doi.org/10.1016/j.gloenvcha.2014.08.005
https://doi.org/10.1016/B978-0-12-822373-4.00011-2
https://doi.org/10.1016/B978-0-12-822373-4.00011-2
https://www.federalregister.gov/documents/2021/02/01/2021-02177/tacklingthe-climate-crisis-at-home-and-abroad
https://www.federalregister.gov/documents/2021/02/01/2021-02177/tacklingthe-climate-crisis-at-home-and-abroad
https://doi.org/10.1186/s40410-020-00126-7


47 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Farley, Chandra, John Howat, Jenifer Bosco, Nidhi Thakar, Jake Wise, and Jean Su. 2021. Advancing 
Equity in Utility Regulation. Berkeley, CA: Lawrence Berkeley National Laboratory. 
https://doi.org/10.2172/1828753.  

Federal Emergency Management Agency (FEMA). 2015. National Preparedness Goal. Washington, 
D.C. https://www.fema.gov/media-library/assets/documents/25959/. 

———. 2015. National Preparedness Goal. Second Edition. Washington, D.C.: U.S. Department of 
Homeland Security. https://www.fema.gov/sites/default/files/2020-
06/national_preparedness_goal_2nd_edition.pdf.  

Gaonkar, Rajesh S. Prabhu, and Mahadev V. Verlekar. 2021. “4 - Reliability and Maintainability of 
Safety Instrumented System.” In Advances in Reliability Science, Safety and Reliability Modeling and 
its Applications, 43–90. Elsevier. https://doi.org/10.1016/B978-0-12-823323-8.00005-2. 

Godbolt, Åsne Lund, Cecilie Flyen, Åshild Lappegard Hauge, Anne-Cathrine Flyen, and Louise Leren 
Moen. 2018. “Future Resilience of Cultural Heritage Buildings—How Do Residents Make Sense of 
Public Authorities’ Sustainability Measures?” International Journal of Disaster Resilience in the Built 
Environment 9 (1): 18–30. https://doi.org/10.1108/IJDRBE-10-2016-0041. 

Holtorf, Cornelius. 2018. “Embracing Change: How Cultural Resilience Is Increased Through Cultural 
Heritage.” World Archaeology 50 (4): 639–650. https://doi.org/10.1080/00438243.2018.1510340.  

Juliano, Timothy W., Pedro A. Jiménez, Branko Kosović, Trude Eidhammer, Gregory Thompson, Larry 
K. Berg, Jerome Fast, Amber Motley, and Andrea Polidori. 2022. “Smoke From 2020 United States 
Wildfires Responsible for Substantial Solar Energy Forecast Errors.” Environmental Research Letters 17 
(3): 034010. https://doi.org/10.1088/1748-9326/ac5143https://doi.org/10.1088/1748-9326/ac5143. 

Kapucu, Naim, and Kapucu Tom Liou (Eds.). 2014. Disaster and Development: Examining Global 
Issues and Cases, 255–272. New York: Springer. 

Kelly, M. J. 2010. “Energy Efficiency, Resilience to Future Climates and Long-Term Sustainability: The 
role of the Built Environment.” Philosophical Transactions of the Royal Society A: Mathematical, 
Physical and Engineering Sciences 368 (1914): 1083–1089. 

Kwok, Alan H., Emma E. H. Doyle, Julia Becker, David Johnston, and Douglas Paton. 2016. “What Is 
‘Social Resilience’? Perspectives of Disaster Researchers, Emergency Management Practitioners, and 
Policymakers in New Zealand.” International Journal of Disaster Risk Reduction 19: 197–211. 
https://doi.org/10.1016/j.ijdrr.2016.08.013. 

Linnell, M. 2014. “Citizen Response in Crisis: Individual and Collective Efforts to Enhance Community 
Resilience.” Human Technology 10 (2): 68–94. https://doi.org/10.17011/ht/urn.201411203311. 

Meerow, Sara, Joshua P. Newell, and Melissa Stults. 2016. “Defining Urban Resilience: A Review.” 
Landscape of Urban Planning 147: 38–49. https://doi.org/10.1016/j.landurbplan.2015.11.011. 

Meerow, Sara, Pani Pajouhesh, and Thaddeus R. Miller. 2019. “Social Equity in Urban Resilience 
Planning.” Local Environment 24 (9): 793–808. https://doi.org/10.1080/13549839.2019.1645103. 

https://doi.org/10.2172/1828753
https://www.fema.gov/media-library/assets/documents/25959/
https://www.fema.gov/sites/default/files/2020-06/national_preparedness_goal_2nd_edition.pdf
https://www.fema.gov/sites/default/files/2020-06/national_preparedness_goal_2nd_edition.pdf
https://doi.org/10.1016/B978-0-12-823323-8.00005-2
https://www.emerald.com/insight/publication/issn/1759-5908
https://www.emerald.com/insight/publication/issn/1759-5908
https://doi.org/10.1108/IJDRBE-10-2016-0041
https://doi.org/10.1080/00438243.2018.1510340
https://doi.org/10.1088/1748-9326/ac5143
https://doi.org/10.1088/1748-9326/ac5143
https://doi.org/10.1016/j.ijdrr.2016.08.013
https://doi.org/10.17011/ht/urn.201411203311
https://doi.org/10.1016/j.landurbplan.2015.11.011
https://doi.org/10.1080/13549839.2019.1645103


48 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Morrow, Betty Hearn. 2008. Community Resilience: A Social Justice Perspective: CARRI Research 
Report 4. Miami, FL: Community and Regional Resilience Initiative (CARRI). 
https://doi.org/10.13140/RG.2.1.1278.9604. 
https://www.researchgate.net/publication/280611548_Community_resilience_A_social_justice_perspect
ive.  

Münzberg, Thomas, Marcus Wiens, and Frank Schultmann. 2017. “A Spatial-Temporal Vulnerability 
Assessment to Support the Building of Community Resilience Against Power Outage Impacts.” 
Technological Forecasting and Social Change 121: 99–118. 

National Institute of Standards and Technology (NIST). 2020. “Overview.” Community Resilience. 
https://www.nist.gov/community-resilience.  

Nespeca, V., T. Comes, K. Meesters, and F. Brazier. 2020. “Towards Coordinated Self-organization: An 
Actor-Centered Framework for the Design of Disaster Management Information Systems.” International 
Journal of Disaster Risk Reduction 51: 101887. https://doi.org/10.1016/j.ijdrr.2020.101887. 

New York State Climate Smart Communities. 2014. Climate Smart Resiliency Planning – A Planning 
Evaluation Tool for New York State Communities Version 2.0. Albany, NY. 
https://climatesmart.ny.gov/fileadmin/csc/documents/Climate_Smart_Resiliency_Planning_V_2.0.pdf. 

New York State Energy and Research Development Authority (NYSERDA). 2021. “Resilience 
Integration Services for Anchor Contractor Request for Proposal.” Albany, NY. 
https://portal.nyserda.ny.gov/servlet/servlet.FileDownload?file=00Pt000000YwkorEAB. 

———. 2023. “Impacts and Benefits: Offshore Wind and New Yorkers.” Offshore Wind. 
https://www.nyserda.ny.gov/All-Programs/Offshore-Wind/Focus-Areas/Impacts-and-Benefits.  

New York State Senate. 2019. “S.B. S6599.” 2019–2020 Legislative Session. (Relates to the New York 
State Climate Leadership and Community Protection Act.) 
https://www.nysenate.gov/legislation/bills/2019/s6599.  

New York State Senate Assembly. 2019. 2019–2020 Regular Session. June 18, 2019. (Relates to the 
New York State Climate Leadership and Community Protection Act, S.B. S6599.) 
https://legislation.nysenate.gov/pdf/bills/2019/S6599. 

Ostadtaghizadeh, Abbas, Ali Ardalan, Douglas Paton, Hossain Jabbari, and Hamid Reza Khankeh. 2015. 
“Community Disaster Resilience: A Systematic Review on Assessment Models and Tools.” PLoS 
Currents: Disasters: 1–14. 10.1371/currents.dis.f224ef8efbdfcf1d508dd0de4d8210ed. 

Paton, D., and J. McClure. 2013. Preparing for Disaster: Building Household and Community Capacity. 
Springfield, IL: Charles C. Thomas. 

Paton, D., L. Mamula-Seadon, and K. L. Selway. 2013. “Community Resilience in Christ Church: 
Adaptive Responses and Capacities During Earthquake Recovery.” GNS Science Report 2013/37. Lower 
Hutt, New Zealand. 

https://doi.org/10.13140/RG.2.1.1278.9604
https://www.researchgate.net/publication/280611548_Community_resilience_A_social_justice_perspective
https://www.researchgate.net/publication/280611548_Community_resilience_A_social_justice_perspective
https://www.nist.gov/community-resilience
https://doi.org/10.1016/j.ijdrr.2020.101887
https://climatesmart.ny.gov/fileadmin/csc/documents/Climate_Smart_Resiliency_Planning_V_2.0.pdf
https://portal.nyserda.ny.gov/servlet/servlet.FileDownload?file=00Pt000000YwkorEAB
https://www.nyserda.ny.gov/All-Programs/Offshore-Wind/Focus-Areas/Impacts-and-Benefits
https://www.nysenate.gov/legislation/bills/2019/s6599
https://legislation.nysenate.gov/pdf/bills/2019/S6599
https://doi.org/10.1371/currents.dis.f224ef8efbdfcf1d508dd0de4d8210ed


49 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Paton, Douglas, David Johnston, Ljubica Mamula-Seadon, and Christine M. Kenney. 2014. “Recovery 
and Development: Perspectives from New Zealand and Australia.” In Disaster and Development, 255–
272. Environmental Hazards. Springer. https://doi.org/10.1007/978-3-319-04468-2_15.  

Perry, Matthew, and Alberto Troccoli. 2015. “Impact of a Fire Burn on Solar Irradiance and PV Power.” 
Solar Energy 114 (April): 167–73. https://doi.org/10.1016/j.solener.2015.01.005. 

Petit, F. D. P., G. W. Bassett, R. Black, W. A. Buehring, M. J. Collins, D. C. Dickinson, R. E. Fisher et 
al. 2013. Resilience Measurement Index: An Indicator of Critical Infrastructure Resilience. Argonne, IL: 
Argonne National Laboratory. ANL/DIS-13-01. https://publications.anl.gov/anlpubs/2013/07/76797.pdf.  

Rueda-Torres, José Luis, Francisco Gonzalez-Longatt, Evelyn Heylen, Steven De Boeck, Marten 
Ovaere, Hakan Ergun, and Dirk Van Hertem. 2018. “Steady-State Security.” In Dynamic Vulnerability 
Assessment and Intelligent Control for Sustainable Power Systems. Edited by José Luis Rueda-Torres 
and Francisco Gonzalez-Longatt, 21-40.   https://doi.org/10.1002/9781119214984.ch2. 

Rufat, Samuel, Eric Tate, Christopher T. Emrich, and Federico Antolini. 2019. “How Valid Are Social 
Vulnerability Models?” Annals of the American Association of Geographers 109 (4): 1131–1153. 

Schwartz, Lisa. 2021. “Executive Summary.” In Advancing Equity in Utility Regulation. Berkeley, CA: 
Lawrence Berkeley National Laboratory. https://doi.org/10.2172/1828753.  

Shahidehpour, M., and M. Fotuhi-Friuzabad. 2016. “Grid Modernization for Enhancing the Resilience, 
Reliability, Economics, Sustainability, and Security of Electricity Grid in an Uncertain Environment.” 
Scientia Iranica 23 (6): 2862–73. https://doi.org/10.24200/sci.2016.3995. 

Slingerland, Geertje, Eusebio Edua-Mensah, Marthe van Gils, Reinout Kleinhans, and Frances Brazier. 
2022. “We’re in This Together: Capacities and Relationships to Enable Community Resilience.” Urban 
Research & Practice. https://doi.org/10.1080/17535069.2022.2036804.  

Su, Jean. 2021. “Climate, Environmental, and Energy Justice: Integrating Justice into Electricity System 
Design and Decision-Making.” In Advancing Equity in Utility Regulation. Berkeley, CA: Lawrence 
Berkeley National Laboratory. https://doi.org/10.2172/1828753.  

Sun, Kaiyu, Michael Specian, and Tianzhen Hong. 2020. “Nexus of Thermal Resilience and Energy 
Efficiency in Buildings: A Case Study of a Nursing Home.” Building and Environment 177: 106842. 

Tierney, Kathleen, and Anthony Oliver-Smith. 2012. “Social Dimensions of Disaster Recovery.” 
International Journal of Mass Emergencies & Disasters 30 (2): 123–146. https://www.aisls.org/wp-
content/uploads/2017/10/Tierney-and-Oliver-Smith-2012.pdf.  

Torabi, Elnaz, Aysin Dedekorkut-Howes, and Michael Howes. 2021. “A Framework for Using the 
Concept of Urban Resilience in Responding to Climate-related Disasters.” Urban Research & Practice: 
1– 23. https://doi.org/10.1080/17535069.2020.1846771. 

Uphoff, N. 1999. Understanding Social Capital: Learning From the Analysis and Experience of 
Participation.” In Social Capital: A Multifaceted Perspective, 215–249. Edited by P. Dasgupta and I. 
Serageldin. Washington, D.C.: The World Bank. 

https://doi.org/10.1007/978-3-319-04468-2_15
https://doi.org/10.1016/j.solener.2015.01.005
https://publications.anl.gov/anlpubs/2013/07/76797.pdf
https://doi.org/10.1002/9781119214984.ch2
https://doi.org/10.2172/1828753
https://doi.org/10.24200/sci.2016.3995
https://doi.org/10.1080/17535069.2022.2036804
https://doi.org/10.2172/1828753
https://www.aisls.org/wp-content/uploads/2017/10/Tierney-and-Oliver-Smith-2012.pdf
https://www.aisls.org/wp-content/uploads/2017/10/Tierney-and-Oliver-Smith-2012.pdf
https://doi.org/10.1080/17535069.2020.1846771


50 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Xie, Haipeng, Xiaotian Sun, Chen Chen, Zhaohong Bie, and João PS Catalão. 2022. “Resilience Metrics 
for Integrated Power and Natural Gas Systems.” IEEE Transactions on Smart Grid 13 (3): 2483–2486. 

York, Stephen. 2020. “Smoke from California Wildfires Decreases Solar Generation in CAISO.” Today 
in Energy. U.S. Energy Information Administration. September 30, 2020. 
https://www.eia.gov/todayinenergy/detail.php?id=45336. 

  

https://www.eia.gov/todayinenergy/detail.php?id=45336


51 
This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

Appendix C: Glossary of Terms 
Community Resilience: The capacity of a community or region to prepare for, respond to, and recover 
from large multi-hazard threats with little impact on public safety and health, the economy, and national 
security (Wilbanks 2007). 

Customer Damage Function (CDF): Represents customer interruption costs as a function of an outage 
duration. For electricity, CDF can be represented as a value in $/kilowatt peak of an outage cost 
obtained from the CDF curve for a specified duration of an interruption, and represents damages over 
the outage duration, typically by stock costs, fixed costs, and incremental costs (NREL 2023).  

Common Cause Failure (CCF): Multiple dependent component failures within a system that are a 
direct result of a shared root cause or common cause, such as sabotage, flood, earthquake, lightening, 
power outage, sudden changes in environment, design weaknesses, or human errors (Hokstad and 
Rausand 2008). 

Coherent System: A system that increases its resilience as each system component is hardened (Zio 
2007; Haarla et al. 2011). 

Disruptive Event: An event in which operations of the electric grid are disrupted, preventively shut off, 
or cannot operate safely due to extreme weather, wildfire, or a human cause (42 U.S. Code § 18711 
2021)  

Hazard: Anything that can damage, destroy, or disrupt the power sector. Hazards can be natural, 
technological, or human-caused. Hazards are typically not within the control of power systems planners 
and operators and can include wildfires, hurricanes, storm surges, system malfunctions, and 
cyberattacks. This term is often used interchangeably with the term “threat” (Stout et al. 2019). 

Human-Caused Hazards: Resulting from accidents or the threats or intentional actions of an adversary 
(e.g., cyber, acts of terror) (Stout et al. 2019; Hotchkiss and Dane 2019). 

Layer-of-Protection Analysis (LOPA): A low-cost and low-data analysis methodology to bring 
technology and hazard awareness to systems analysis (Willey 2014; Markowski and Kotynia 2011). 

National Risk Index: A publicly available data source produced by FEMA that seeks to illustrate the 
communities most at risk from 18 natural hazards based on historic damages (FEMA 2023a). 

Natural Hazards: Environmental phenomena that have the potential to impact societies and the human 
environment. These should not be confused with other types of hazards, such as man-made hazards. For 
example, a flood resulting from changes in river flows is a natural hazard, whereas flooding due to a 
dam failure is considered a man-made hazard (FEMA 2023b).  

Outage: Period of time after disruption that a service, system, process, or business function is expected 
to be unusable or inaccessible. 

Probabilistic Risk Assessment (PRA): A well-established risk assessment methodology commonly 
used in the aerospace and nuclear industries (Stamatelatos and Dezfuli 2011; Fullwood and Hall 1988). 
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Resilience: A system’s ability to anticipate, prepare for, and adapt to changing conditions and 
withstand, respond to, and recover rapidly from disruptions through sustainable, adaptable, and holistic 
planning and technical solutions (Hotchkiss and Dane 2019). 

Reliability: The ability to meet the electricity needs of end-use customers, even when events reduce the 
amount of available electricity (NIAC 2010). 

Reliability Metrics: Designed to capture events which are expected to occur and disruptions that tend to 
be limited in time and geographic scope. 

Resilience Metrics: Designed to capture lower-probability, higher-consequence events that can last an 
extended period and impact a large area. 

Resource Adequacy: Ability of the electric system to supply the aggregate electrical demand and 
energy requirements of the firm load at all times, considering scheduled and reasonably expected 
unscheduled outages of system elements (NYISO 2022b). 

Risk: Risk is a function of the likelihood of a hazard, the probability of a vulnerability occurring given a 
hazard, and the consequence of the vulnerability (Anderson et al. 2019). 

Social Resilience: The ability of groups or communities to cope with external stresses and disturbances 
as a result of social, political, and environmental change (Adger 2000).  

Technological Hazards: Result from accidents or failures of systems and structures (e.g., bridge 
collapse, grid outage) (Hotchkiss and Dane 2019). 

Value of Lost Load (VoLL): The costs associated with electric grid outages, represents an approximate 
price that consumers are willing to pay for uninterrupted electricity; typically measured in units of 
dollars/kilowatt-hour and can be multiplied by the lost load to estimate the total cost of an outage 
(Anderson, Hotchkiss, and Murphy 2019).  
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Appendix D: Calculation Methods for IEEE Reliability 
Metrics  
Average-Based Metrics  
(IEEE 2012) 

SAIDI: Calculated by multiplying the average duration of customer outages by their total number and 
dividing by number of customers. 

SAIDI = ∑ Customer Minutes of Interruption / Total Number of Customers Served 

SAIFI: Calculated by dividing the number of customers that have experienced an interruption by the 
total number of customers.  

SAIFI= ∑ Total Number of Customers Interrupted / Total Number of Customers Served 

Customer Average Interruption Duration Index: Calculated by dividing the total minutes of 
customer interruption by the total number of customers interrupted.  

Customer Average Interruption Duration Index = ∑ Customer Minutes of Interruption / Total Number of Customers 
Interrupted 

Customer Average Interruption Frequency Index: Calculated by dividing the number of 
interruptions by the number of customers experiencing interruptions. 

Customer Average Interruption Frequency Index = ∑ Total Number of Customer Interruptions / Total Number of Distinct 
Customers Interrupted 

Momentary Average Interruption Duration Index: Calculated using the same method of SAIDI but 
only using momentary interruptions, defined as interruptions lasting less than 5 minutes. 

Momentary Average Interruption Duration Index = ∑ Customer Minutes of Momentary Interruption / Total Number of 
Customers Served 

Momentary Average Interruption Frequency Index: Calculated using the same method of SAIFI but 
only using momentary interruptions, lasting less than 5 minutes. 

Momentary Average Interruption Frequency Index = ∑ Total Number of Customer Momentary Interruptions / Total Number 
of Customers Served 
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Customer-Based Metrics  
(IEEE 2012) 

CELID: Describes ratio of customers that experience interruptions with durations longer than the 
duration of a single interruption or the total amount of time (t) that a customer has been interrupted 
during the reporting period. The CELID-s is calculated by the total number of customers that have 
experienced an interruption of s or more hours in duration divided by the total number of customers 
served. The CELID-t is calculated by the total number of customers that experienced t or more hours of 
interruption duration, divided by the total number of customers served. 

Single Interruption Duration 

CELID-t = Total Number of Customers that experienced S or more hours duration / Total Number of Customers Served 

Total Interruption Duration 

CELID-t = Total Number of Customers that experienced T or more hours duration / Total Number of Customers Served 

Customers Experiencing Multiple Interruptions: Calculated by the total number of customers that 
experienced n or more sustained interruptions divided by the total number of customers served. 

Customers Experiencing Multiple Interruptions = Total Number of Customers that experienced n or more sustained 
interruptions / Total Number of Customers Served 
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